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Since the establishment of the Child Support Enforcement Program in 1975, child
support policy has played a central role in improving the economic circumstances of children
living apart from one of their parents (Cancian & Meyer, 2018; Pirog & Ziol-Guest, 2006). Child
support is a monetary transfer from noncustodial parents (i.e., parents who do not live with their
child) to a custodial-parent family (i.e., a family in which at least one child lives with only one
biological parent). Child support becomes relevant when parents with minor children divorce or
separate or when a child is born to unmarried parents who do not co-reside. Child support policy
aims to ensure that noncustodial parents, typically fathers, pay an appropriate amount of
financial support to custodial-parent families, typically mothers. The policy is especially
important because custodial-parent families face a higher risk of poverty than two-parent
families: in 2017, 30 percent of children living with one parent were below the poverty line,
compared to 11 percent of children living with both parents (Grall, 2020).

The policy’s positive effects have been well-documented, including reducing child
poverty rates, better educational and behavioral outcomes for children, and benefits in child food
security, health, and housing stability (e.g., Baughman, 2017; Greene & Moore, 2000; Hakovirta
et al., 2020; Lewis & Kornich, 2020; Nepomnyaschy et al., 2012; Nepomnyaschy et al., 2014).
However, little work has examined the long-term effects that child support receipt has on
children, especially in terms of economic outcomes in their adulthood. Addressing this can add
substantial new knowledge on the impact of child support. Specifically, this inquiry may provide
evidence on the role of child support in mitigating the persistent effect of financial disadvantage

related to being raised in a single-parent family.



The primary aim of the current paper is to examine the impact of receiving support® as a
child on economic outcomes in adulthood. This is one of the first studies to investigate the
policy’s long-term economic effects on children. To ensure the rigor of the analysis, the current
project took a two-study approach, using different analytic approaches, and analyzing two related
but different data sources with complementary strengths: the Wisconsin Child Support

Demonstration Evaluation (CSDE) and the Wisconsin Court Record Data (WCRD).

THEORETICAL FRAMEWORK AND THE REVIEW OF RELATED LITERATURE
Intergenerational Transmission of Economic Status

The intergenerational transmission of economic status serves as a conceptual framework
explaining the long-term effects of receiving support as a child on economic well-being in
adulthood. The literature on the intergenerational transmission of economic status indicates that
children’s economic futures are substantially affected by family background, specifically
parental economic status (Bird, 2007; Guner, 2015; Black & Devereux, 2011). Becker and
Tomes (1979; 1986) made seminal contributions in laying out a theoretical foundation for the
existence of an economic association across generations (Guner, 2015). The core of the Becker
and Tomes model is that parents spend their income on human capital investment in children and
transfer the endowments of earning capacity (e.g., genetic heritage, family culture, connections)
to their children, which can influence children’s future human capital production, such as

earnings (Guner, 2015; Lee & Seshadri, 2019; Solon, 2004).

For simplicity, we use the term “those receiving child support” rather than “those on whose behalf child
support was paid.” For some families, the amount paid is not fully received; for custodial-parent families receiving
Temporary Assistance to Needy Families, a portion or all of the amount paid is retained by the government. Since
1996, states set the proportion that is retained versus “passed-through” to families.



There is a great deal of empirical evidence supporting intergenerational persistence in
economic status (Black & Devereux, 2011). For example, Lee and Seshadri (2019) revealed that
parental background when children grew up was a strong predictor of children’s lifetime
earnings, explaining about a quarter of children’s life-cycle earnings variance later in adulthood.
Similarly, Chetty and colleagues (2014) analyzed U.S. federal income tax records from 1996
through 2012 and showed evidence of a substantial association in economic resources between
generations: the association between mean child ranks and parent ranks in their income
distributions was substantially linear, showing that a 10-percentile point increase in parent rank
was associated with a 3.41 percentile increase in a child’s income rank, on average.

Building upon this, scholars have postulated that there is an intergenerational component
of poverty that refers to the process by which poor parents transmit poverty and related
disadvantage to their children (Harper et al., 2003; Van Ryzin et al., 2018; Blanden et al., 2014).
Longitudinal data show that those who were poor during childhood were more likely to be poor
in early and middle adulthood than those who were never poor, and this was especially true for
African Americans (Wagmiller Jr. & Adelman, 2009). It was also estimated that a child who
spent half or more of their childhood in poverty had a 46% chance of living in poverty at age 20
and a 45% chance of living in poverty at age 35 (Fass et al., 2009). Scholars also noted that this
persistent pattern across generations has become more entrenched in recent years (Carr &
Wiemers, 2016; Aaronson & Mazumder, 2008).

As suggested by the Becker and Tomes model, intergenerational poverty may occur due
to the lack of human capital investment in children. Alternatively, disadvantages accumulated
during childhood and adolescence, such as worse physical and mental health or cognitive and

neurophysiological problems associated with family poverty may negatively impact economic



well-being in adulthood (Berger, 2015; Harper et al., 2003; Van Ryzin et al., 2018). Subsequent
life adversities and stressors, such as marital dissolution and unemployment, may also link
childhood and adulthood poverty (Najman et al., 2018). Racism and other forms of
discrimination may also account for persistent disadvantage and intergenerational poverty for

minoritized groups (Chetty et al., 2020).

Childhood Family Structure and the Intergenerational Transmission of Economic Status

Prior research also noted that childhood family structure may explain the underpinning of
intergenerational transmission of economic status (Bird, 2007; Cancian & Reed, 2009; Lopoo &
DeLeire, 2014; Tach, 2015). In other words, growing up in a single-parent family or
experiencing changes in living arrangements due to parents’ partnership dissolution may
diminish children’s future economic outcomes. Studies have shown that two-parent families are
likely to be better off economically than other family types, and some have argued that the
declining prevalence of intact families might explain increased income inequality in recent
decades (Bloome, 2017; Martin, 2006; Western et al. 2008). For example, single-parent families
headed by a mother were more than five times more likely to be poor than husband-wife families
with children (Shrider et al., 2021). This is primarily because children have less access to
parental resources, both time and money, or even broader familial and community resources,
when growing up outside two-parent families (Bird, 2007; Bloome, 2017; Greenwood et al.,
2003).

Such a lack of resources associated with family structure can lead to long-term effects.
McLanahan (2004) argued that current changes in family structure, particularly an increase in
cohabitation, divorce, and nonmarital childbearing, have led to greater disparities in children’s

access to parental resources, driving the phenomenon of “diverging destinies,” that is, a widened



gap in children’s life achievement between children raised within and outside two-parent
families. According to a study that analyzed data from the National Longitudinal Survey of
Youth, regardless of parental income, those raised outside two-parent families were more likely
to become low-income adults and less likely to become high-income adults than people from
stable two-parent homes (Bloome, 2017). This relationship has been found in other longitudinal
data as well: Lopoo and DeLeire (2014) examined whether childhood family structure was
related to a child’s economic well-being during childhood and adulthood using the Panel Study
of Income Dynamics data. The authors found that living with a single parent was associated not
only with a lower level of family resources in childhood but also with the child’s lower

educational attainment and family income in adulthood.

Child Support Policy to Mitigate the Intergenerational Transmission of Economic Status

Although evidence indicates that childhood family structure may influence adult
economic outcomes, no studies have explored the effect of child support payments on a child’s
economic outcomes in adulthood. Child support could mitigate the relationship between single-
parenthood and negative outcomes. The intent of child support policy is to ensure noncustodial
parents pay an appropriate amount for the care of their children, holding parents responsible for
the financial support of their children and providing sufficient income to improve children’s
financial status and reduce public costs associated with welfare (Cancian & Meyer, 2018; Huang
& Han, 2012).

Child support policy involves three interrelated processes: paternity establishment, order
establishment, and order enforcement (Cancian & Meyer, 2018; Pirog & Ziol-Guest, 2006). In
the case of unmarried parents, paternity needs to be established or acknowledged in order to set a

child support order; in divorce cases, paternity is presumed. As in many states, establishing an



order for child support in Wisconsin, from which our data are drawn, involves a court action. For
unmarried couples, this can occur at the request of either party or the child support program; for
divorcing couples, this typically occurs at the time of the divorce. Each state has a child support
guideline that is to be used to determine whether there is a child support order, and its amount,
unless there are particular reasons to assign a different amount. While guidelines differ
somewhat across states, they generally follow a principle of continuity of expenditures, that
noncustodial parents should provide support at a level so that expenditures on children are the
same as if parents were living together (Venohr, 2013). Once a child support order is in place,
enforcement actions can be taken to make sure the order is being paid. Enforcement actions can
be preventive (withholding the amount due from the paycheck of the noncustodial parent from
the day it is due) or in response to nonpayment (suspending drivers’ licenses, initiating liens,
even up to incarceration) (e.g., Meyer et al., 2020).

Prior studies have shown that child support is an important part of a custodial parent’s
income and thus plays an important role in the economic well-being of custodial-parent families,
especially families who would otherwise be poor (Berger & Font, 2015; Cuesta & Meyer, 2014;
Sorensen, 2016). Receipt of child support is known to be associated with lower poverty among
children living with single parents (Bartfeld, 2000; Cuesta & Meyer, 2014; Hakovirta, 2011;
Meyer & Hu, 1999; Sorensen, 2016). Cancian and Meyer’s (2005) analysis of Wisconsin’s state
administrative data showed that child support is a key income source for low-income families,
reducing pre-child-support poverty rates by 16 percent and closing the poverty gap by an average
of 44 percent. Huang and colleagues (2002; 2004) also showed that child support could help

young mothers exit and stay off welfare programs. Specifically, women with $1,000 or more in



child support payments in the previous year were 18 percent more likely to exit welfare and 12
percent less likely to re-enter welfare.

Relatedly, studies suggest that children of single parents may experience lifetime
economic disadvantage and are more likely to stay unmarried or divorce themselves (Lersch et
al., 2021; McLanahan & Sandefur, 1994; Mikkonen et al., 2016). So far, no direct evidence
exists regarding the long-term effect of child support receipt on single-parent status as an adult.
Given the aforementioned positive impacts of the policy, receipt of child support may serve to
mitigate the intergenerational transmission of divorce/single parenthood (Amato, 1996;
D’Onofrio et al., 2007; Whitton et al., 2008).

Despite significant policy impacts and tools for enforcement, such as income withholding
or a centralized collection and disbursement agency, the problems associated with nonpayment
and low compliance have been consistently recognized (Hodges et al., 2020; Meyer, et al., 2020).
In 2017, less than half (45.9%) of custodial parents with a child support order received full
payments, while 24 percent received a partial amount and 30 percent received no payments at all
(Grall, 2020). An analysis of Wisconsin administrative records showed that only about half of
those who received some child support in a year received it regularly (Ha et al., 2012). In 2018,
over $118 billion was owed in past-due child support payments (U.S. OCSE, 2019). This no- or
partial-payment of child support is particularly troublesome given that many custodial parent
families are economically vulnerable and live below the poverty line (Berger et al., 2021; Grall,

2020), which may contribute to a long-term negative impact on children’s economic outcomes.

THE PRESENT STUDY

The current study aims to examine the long-term effects of receiving support as a child

on economic outcomes in adulthood. The question is difficult to answer for several reasons.



First, longitudinal data over a long period of time is needed, and this is seldom available. Second,
simple comparisons between those who do and do not receive support would be biased because
those who received support may have also had other advantages during their childhood. Finally,
and related, the appropriate comparison group is unclear: for example, should we compare those
who received support with all of those who did not, or only those who were supposed to receive
support (i.e., had a child support order) but did not? We address the question with two
complementary studies. Both studies use a long record of longitudinal data, allowing
consideration of long-term economic outcomes. But they differ in their approach to comparison
groups, thus harnessing the complementary strengths of two distinct approaches to test
hypotheses.

The first study examined children in the Wisconsin CSDE, an intervention from the late
1990s in which low-income mothers receiving welfare benefits were randomly assigned to
receive either all or some of the child support that was paid on their behalf during periods of
benefit use. The impact evaluation of this intervention showed that those in the full-receipt group
did receive more child support than those in the partial-receipt group, both because of the
mechanical effect when they did receive benefits and because fathers were more likely to pay
and paid more if their children were to receive everything paid (Cancian et al., 2008). Moreover,
those in the full-receipt group established paternity more quickly (Cancian et al., 2008).
Information on whether a child was in the full child support group of the partial child support
group was then merged with Wisconsin’s administrative records of benefits and earnings from
the Unemployment Insurance data several years later to assess four economic outcomes when
these individuals were adults: earnings, employment status, public program (i.e., Supplemental

Nutrition Assistance Program (SNAP)/Food Share) participation, and public program benefit



amounts. We also examine a fifth outcome, having an open child support case as an adult, which
allows us to consider whether receiving child support as a child is related to nonmarital births or
divorce as an adult. A key strength of this study is that random assignment assures equivalent
comparison groups on both observable and unobservable characteristics, supporting a causal
interpretation of any estimated differences in outcomes between the groups. Moreover, we use
the data to examine three comparison groups. The first comparison is among those who already
have child support orders; the second comparison is among those who have had paternity legally
established, whether there is an order or not; and the third comparison is among all those
demographically eligible for child support, not just those who already have paternity established
or child support orders. By looking at those who may have obtained paternity or orders because
of child support’s potential, we can explore the long-term effects of child support for a different
population, albeit still a welfare sample. One limitation is that the sample is children whose
mothers received welfare, limiting our ability to generalize to a broader population.

The second study used the Wisconsin Court Record Data (WCRD), which contain
divorce and paternity (nonmarital) cases from the early and mid-1990s. Using propensity score
matching (PSM) methods, we developed statistically matched comparison groups of children,
one group who received support when they were children and a comparable group who did not
receive support (or received very small amounts) but were due support. Using the same methods,
we also contrast children who received nearly all the support they were due with a comparable
group who did not. These data were also merged with administrative records to gather the same
set of outcome variables as was used in the first study. A key strength of the study is that it
compares all those with child support orders, not merely a welfare sample. A limitation is that

the two groups may not be comparable on unobserved factors (though the PSM model attempts
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to ensure comparability on observed factors), limiting our confidence that any estimated
relationships are causal.

Because the two analyses draw on related data and measures, each will inform the other;
for example, if relationships measured in the first study are confirmed in the second, we can be
more confident that the statistical approach used in the first supports a causal interpretation.

Our specific hypothesis to test in both studies is: Adults who received support as children
will have higher rates of earnings; be more likely to be employed; have lower public program
participation; receive less in public benefits; and be less likely to have an open child support case
than those who did not receive child support or received very little.

In the second study, we also test a related hypothesis, considering the same outcomes, but
instead of differentiating between those who received child support versus those who received
none or only a little, we differentiate between those who received most of what was due (higher
compliance) compared to those who received a lower percentage of what was due (lower

compliance).

STUDY 1: CSDE, WELFARE SAMPLE, RANDOMIZED GROUPS
Data and Methods
Data and Sample

We use data from the Wisconsin CSDE, a large-scale random-assignment experiment of
the treatment of child support for Temporary Assistance for Needy Families (TANF) recipients
in Wisconsin. All those who participated in TANF between September 1997 and July 1998 were
randomly assigned to either receive all child support paid on their behalf during a period of
welfare use or only a part (the first $50/month or up to 41% of the amount paid, if it was more).

The intervention and its evaluation are described in more detail in Cancian, Meyer and Caspar
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(2008). The evaluation used the welfare records to do the randomization, and to identify basic
characteristics of the mothers and children involved. Records were matched with the child
support records to ascertain whether paternity had been legally established, whether child
support was due, and payments of child support. Social security numbers of children receiving
welfare are available, so we use these numbers to match these individuals with their Ul earnings
records, benefit records, and child support records several years later.

The sample includes those children in the evaluation data whose mothers were assigned
to either the group who received everything paid on their behalf (n = 28,128) or the group who
received only partial support during periods of benefit receipt (n = 7,665).? To match the sample
in Study 2, which included those with child support orders (who therefore had had paternity
established), from the 35,793 we select as our base sample only those who at entry to TANF had
had paternity established and whose mothers were owed child support, a total of 17,923 children.
The intervention could have affected paternity establishment and child support orders, so we also
increment our base sample with those who had had paternity established at entry but whose
mothers were not owed support (total n = 25,400) and further increment with those who did not
have paternity established at entry (total n = 35,793). If child support’s potential brought these
mothers into the child support system and then their children began to receive support, we would

capture this only in analyses with the larger samples.

Outcome Variables

We examine our five outcome variables in the state’s administrative records, matching

whether children were in the full support or partial support group with their adult outcomes,

2\We begin with 36,081 children in the evaluation sample and exclude 288 individuals that were older than
16 years old at baseline.
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using social security numbers. The employment and earnings outcomes are taken from the state’s
Unemployment Insurance records, and thus represent earnings in formal jobs in Wisconsin. In
these data, employers report a total amount of earnings for each individual for each calendar
quarter. We sum across all employers in the four calendar quarters of 2019 to get annual
earnings. The vast majority of in-state earnings in formal employment are included in these
records. Examples of earnings not in the records include informal earnings, earnings from some
small religious organizations, and earnings in another state. Self-employment is not included.
Even with these limitations, this is a substantially comprehensive source of information on
earnings in Wisconsin (Wisconsin Department of Workforce Development, 2019), and these
records are often used in research on labor markets (see, e.g., Wallace & Haveman, 2007). Our
measure of employment is straightforward, whether there were any reported earnings during the
calendar year.

Our third and fourth outcomes are related to benefits in SNAP, the most common source
of benefits to low-income individuals. Coverage is complete in that all individuals receiving
these benefits in Wisconsin are in the administrative records. We measure benefits by both the
total amount received during calendar year 2019 and whether any benefits were received during
the year.

Finally, we include a measure of whether the individual has an active case in the child
support records in Wisconsin. For unmarried parents, active child support cases occur when
paternity needs to be established or a child support order is sought; for married parents, active
cases occur when there is a legal separation or divorce, and a child support order is sought.

The original assignment to the full or partial support group occurred in 1997 and 1998,

when the children we examine were aged 0-16. By 2019 they are aged 21-38.
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Groups

In this study the groups are easily determined; we differentiate between the full-receipt

group and the partial-receipt group, regardless of whether child support was actually received.

Determining Equivalent Groups

Randomization means that the groups are equivalent except by chance. Table 1 shows
simple comparisons between the partial support and the full support groups for our five
outcomes. Earnings are fairly low, averaging around $12,000 — $13,000. About two-thirds of
sample members had formal employment in the Wisconsin records. Economic disadvantage is
further highlighted in that around 40% received SNAP, with the overall average about $1000 in
2019. About half the children of welfare participants had an open child support case in 2019.
There are differences between the partial and full support groups, but these do not control for
other factors.

Table 1 also shows the characteristics of both groups at the time they entered TANF
(1997-98). While there are a few differences between the groups that are statistically significant
at the p < .05 level, overall, the groups are well matched, as confirmed by additional analyses
shown in the original evaluation. To control for these differences (that presumably occurred by
chance), we include the variables that differ in our equations examining the relationship between

being in the full child support group and later outcomes.



Table 1. Study 1: Characteristics of those in the Full and Partial Child Support Groups

14

Sample 1 Sample 2 Sample 3

Partial Support Full Support Partial Support Full Support Partial Support Full Support
Outcomes
2019 Earnings $12,758 $13,125 $12,295 $12,955** $11,787 $12,335*

(16,027) (16,370) (15,969) (16,399) (15,821) (16,255)
2019 Employment 65.7% 65.3% 63.7% 64.4% 61.7% 61.9%
2019 SNAP Amount $1,094 $1,048 $1,030 $980* $1,008 $953*
(1,954) (1,898) (1,895) (1,846) (1,901) (1,824)
2019 Any SNAP 43.6% 42.0%* 41.3% 39.6%* 39.8% 38.5%*
2019 Child Support Case 55.6% 55.1% 52.9% 51.8% 51.2% 50.4%
Child Age 6.36 6.39 6.16 6.19 6.12 6.17
(4.01) (4.05) (4.25) (4.25) (4.35) (4.37)

Child Male 49.5% 49.8% 50.1% 49.9% 49.9 % 50.1%
Child Race/Ethnicity
White 16.9% 15.9% 18.3% 17.7% 15.0% 14.6%
Black 54.0% 53.1% 51.3% 50.6% 52.2% 51.7%
Other 0.0% 0.0% 0.0% 0.0% 3.8% 3.9%
Missing 29.1% 31.0%* 30.4% 31.6%* 29.0% 29.8%
Focal Child’s Non-Resident Parent’s Earnings
Were $15,000 or More (relative to $0-$14,999) 10.3% 10.4% 9.5% 9.4% 7.7% 7.4%
Mother’s Child Support in Last Year
No Child Support 44.2% 41.6%** 56.9% 53.9%*** 62.7% 61.4%*
$1-$999 26.2% 25.4% 20.9% 21.0% 18.5% 17.8%
$1,000 or More 29.6% 33.09%0*** 22.2% 25.1%*** 18.8% 20.8%***
Mother’s Age
25 or Younger 39.8% 38.4% 41.2% 39.2%** 40.1% 38.4%**
26-30 29.6% 28.1%"* 26.2% 26.3% 25.8% 25.6%
31 or Older 30.6% 33.49%p*** 32.6% 34.5%** 34.1% 36.0%**
Mother’s Education
Less than HS 53.3% 54.2% 54.1% 54.6% 56.1% 56.8%
HS Diploma 36.5% 36.6% 36.4% 36.2% 34.9% 34.5%
Some College or More 10.1% 9.2%" 9.5% 9.2% 9.0% 8.7%
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Sample 1 Sample 2 Sample 3

Partial Support Full Support Partial Support Full Support Partial Support Full Support
Mother’s Employment in Previous 8 Quarters
0 Quarters 15.6% 16.9%"* 17.8% 18.7% 20.0% 20.8%
1-4 Quarters 45.8% 44.0%* 44.3% 43.1% 44.6% 43.2%*
5-8 Quarters 38.5% 39.2% 37.9% 38.3% 35.4% 36.0%
Number of Legal Fathers in Mother’s Family
Zero 1.3% 1.5% 10.5% 10.3% 21.9% 22.7%
One 51.9% 53.7%"* 54.0% 55.0% 49.2% 49.4%
Two or More 46.8% 44 9%* 35.4% 34.7% 28.9% 27.9%"
Number of Children
Zero 0.0% 0.0% 0.2% 0.1% 0.2% 0.1%
One 10.1% 10.7% 14.3% 15.0% 14.1% 14.5%
Two 27.0% 26.4% 26.6% 25.5% 25.8% 24.8%*
Three or More 62.9% 62.9% 58.9% 59.4% 60.0% 60.6%
Mother’s AFDC Use in Prior 24 Months
0 Months 5.2% 4.9% 9.3% 8.7% 10.0% 8.9%***
1-18 Months 25.2% 26.3% 28.6% 29.4% 29.4% 29.7%
19-24 Months 69.6% 68.8% 62.1% 61.9% 60.6% 61.4%
Initial W-2 Tier
Cash and Services 59.2% 59.8% 59.2% 59.4% 61.1% 61.2%
Caretaker of Newborn 5.5% 5.6% 8.0% 7.6% 7.8% 7.5%
Services Only 35.4% 34.6% 32.8% 33.1% 31.1% 31.3%
County
Milwaukee 77.0% 77.2% 73.3% 73.7% 75.7% 76.1%
Other Urban 14.9% 15.0% 17.1% 17.1% 16.4% 16.0%
Rural 8.1% 7.8% 9.6% 9.2% 8.0% 7.8%
Observations 3,541 14,382 5,489 19,911 7,665 28,128

Notes: Variable names reflect the fact that mothers were the unit of analysis in the original impact study. Parenthetical values display standard errors.

+p<.10 * p<.05 ** p<.01 *** p<.001
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Methods

Random assignment is a powerful tool, ensuring that groups are equivalent except by
chance. As a result, a simple comparison of those in the partial support and the full support group
provides an estimated effect of the CSDE. However, a few characteristics do differ, so we
control for these; we also control for variables that may affect the outcomes to sharpen the
estimated effect of CSDE (Bloom, 2006). We use an ordinary least squares regression for the
continuous outcomes (earnings and SNAP benefit use) and a probit for the dichotomous

outcomes (employment, SNAP receipt, and child support case).

Results

Table 2 shows our primary Study 1 results, with the full results in Appendix Table 1.
Though children in the full child support group in the base sample had a difference in 2019
earnings in a positive direction (about $305/year more in earnings, all else equal), the effect was
not statistically significant. The difference between groups was significant in the first (difference
of $543/year) and the second ($477/year) alternative samples.® No detectable relationships were
found for employment in any of the samples. In the second and third alternative samples, we find
that the full child support group received significantly lower SNAP benefits as adults. The full
support group in the first alternative sample received $54 less in SNAP benefits than the partial
support group, and the full support group in the second alternative sample received $56 less in
benefits. In the second alternative sample, children in the full child support group were also
about two percentage points less likely to have any SNAP benefits. No relationships were found

for having an open child support case.

3Tobit sensitivity analyses suggest a magnitude of difference in earnings similar to our primary models
between treatment and control groups in base sample and the first and second alternative samples, though the effects
are not statically significant (see Appendix Table 5).
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Table 2. Study 1: Association between Being in the Full Child Support Group during Childhood and Adult Outcomes: 3 Samples

2019 2019 2019 SNAP 2019 Any 2019

Earnings Employment Amount SNAP Receipt Kids Case Observations
Base sample: Those with a legal father $305 -0.0054 $-38 -0.0140 -0.0020
and a child support order i ' '

(337) (0.0102) (38) (0.0100) (0.0098) 17,923
First alternative sample: Those with a * oot } * }
legal father (with or without child support $543 0.0034 $-54 0.0170 00118
order) (277) (0.0085) (30) (0.0081) (0.0082) 25,400
Second alternative sample: All children in * Rk ) )
CSDE (those with or without legal father; s 0.0007 s 0.0135 0.0084
with or without child support order) (239) (0.0076) (27) (0.0071) (0.0074) 35,793

Notes: Models control for Child age, Child sex, Child Race/ethnicity, the Focal Child’s Non-resident Parent’s earnings, Mother’s Child Support in Last Year,
Mother’s age, Mother’s Education, Mother’s Employment in Previous 8 Quarters, the Number of Legal Fathers in Mother’s Family, the Number of Children,
initial assignment, Initial W-2 Tier, AFDC Use in Prior 24 months, and County. For earnings and SNAP amounts, ordinary least squares regressions are used;

for the other outcomes, we use probit models and show marginal effects. Parenthetical values display robust standard errors.
+ p<.10 * p<.05 ** p<.01 *** p<.001
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Next, we examine heterogeneity in the effect of receiving full support compared to partial
support as a function of a child’s age. In Table 3, we compare children that are zero to five
during the time of the experiment to those six to sixteen. In the base sample, we find no
significant differences within nor between age groups. In the first alternative sample (shown in
the middle panel of Table 3), older children in the full support group had higher 2019 earnings of
about $1,000/year (p < .05), received fewer SNAP benefits in terms of average amounts (p <
.10), and were two percentage points less likely to receive any SNAP benefits (p < .10). The
between group difference for 2019 earnings ($966 for children that were older during exposure
compared to $68 for children that were younger) was marginally statistically significant. The
second alternative sample is displayed on the bottom panel of Table 3. Though the magnitude of
different effects varies slightly, we find a pattern of results like those derived from the first
alternative sample. In summary, there are no statistically significant relationships for younger
children, but older children show several statistically significant relationships, especially in

earnings and the amount of SNAP benefits used.
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Table 3. Study 1: Association between Being in the Full Child Support Group during Childhood and Adult Outcomes by Age: 3 Samples

2019 Earnings 2019 Employment 2019 SNAP Amount 2019 Any SNAP Receipt 2019 Kids Case

<5 610 16 Diff <5 610 16 Diff <5 610 16 Diff <5 610 16 Diff <5 6 to 16 Diff
Base sample: Those $31 $513 ns -.0161 .0035 ns $3 $-75 ns -01471  -.0145 ns .0048 -.0073 ns
with a legal father and (390) (437) (.0133)  (.0120) 43) (50) (.0133)  (.0118) (.0139)  (.0122)
a child support order
Observations 7,692 10,231 17,923 7,692 10,231 17,923 7,692 10,231 17,923 7,692 10,231 17,923 7,692 9,297 16,989
First alternative $68 $966** + -.0084 .0149 ns $-37 $-73* ns -.0188*  -.0164* ns -.0143 -.0108 ns
sample: Those with a (310) (371) (.0106)  (.0102) (33) (42) (.0103)  (.0099) (.0108)  (.0103)
legal father (with or
without child support
order)
Observations 11,539 13,861 25,400 11,539 13,861 25,400 11,539 13,861 25,400 11,539 13,861 25,400 11,539 12,455 23,994
Second alternative $123 $811** + -.0073 .0096 $-30 $-80* ns -0110  -.0150* ns -.0054 -.0121 ns
sample: All childrenin  (254) (316) (.0091)  (.0087) (27) (36) (.0086)  (.0084) (.0092)  (.0091)
CSDE (those with or
without legal father;
with or without child
support order)
Observations 16,573 19,220 35793 | 16,573 19,220 35793 | 16,573 19220 35793 | 16,573 19220 35793 | 15963 16,379 32,342

Notes: Symbols in the Diff columns reflect difference between age subgroups. Models control for Child age, Child sex, Child Race/ethnicity, the Focal Child’s Non-resident Parent’s earnings,

Mother’s Child Support in Last Year, Mother’s age, Mother’s Education, Mother’s Employment in Previous 8 Quarters, the Number of Legal Fathers in Mother’s Family, the Number of Children,
initial assignment, Initial W-2 Tier, AFDC Use in Prior 24 months, and County. For earnings and SNAP amounts, ordinary least squares regressions are used; for the other outcomes, we use probit
models and show marginal effects. Parenthetical values display robust standard errors.
+p<.10 * p<.05 ** p<.01 *** p<.001
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STUDY 2: WCRD, BROADER SAMPLE, STATISTICALLY EQUIVALENT GROUPS
Data and Methods
Data and Sample

The Wisconsin Court Record consists of cases coming to family court in 21 Wisconsin
counties that have child support potential, that is, (a) parents of a minor child filed for divorce or
legal separation; (b) a parent or the child support agency filed to establish paternity of a minor
child, or (c) a parent of a minor child filed for a child support order. We consider cases with
court petition dates from 1989-1992. Information was collected from case records, including
demographic information on parents and children and characteristics of the court process (e.g.,
whether the parents had legal representation). The record also contains the outcome of the court
process, including placement (the child’s living arrangement) and the amount of child support
ordered. We merge this information with the state’s administrative record of child support
payments.

Because most children’s social security numbers are available in the court records, we
can match with their employment, earnings, benefit use, and child support records many years
later, when they are adults. The employment and earnings outcomes are taken from the state’s
Unemployment Insurance records, and thus represent earnings in formal jobs in Wisconsin.
Benefit use is also taken from Wisconsin administrative records of benefit programs. Finally,
whether an individual has an open child support case comes from the administrative records of

the Wisconsin child support program.
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In the court record, there are 2,260 children aged 16 or less at the petition, with petitions
occurring from 1989 to 1992, whose mothers had sole physical placement.* We exclude 494
children who did not have social security numbers, 36 children known to have died, and 169
children who did not have a child support order, since we want the comparison to be only among
those for whom child support receipt was a possibility. This leaves 1,561 children in our

preliminary analysis sample.

Outcome Variables

We examine five outcomes, all measured in 2019, so 27 to 30 years after the original
court petition. Because children were aged zero to 16 at the court petition, outcomes were
measured when they were 27 to 46. We use the same data sources and operationalizations as in
the first study. That is, we consider whether those who received support as children in 1989—
1992 had higher earnings, more employment, less SNAP benefits, and were less likely to receive

SNAP in 20109.

Groups

Child support vs. no/very low support. Our objective is to approximate random
assignment, that is, to determine two groups, one of which received very little or no child support
when they were children, and one that received more, but the two groups are otherwise
statistically equivalent. We measure child support receipt by the custodial-parent family during
the first two years after an initial amount of child support was due as shown in the administrative

record.® Approximately 6% of children received no support (see Figure 1), and 7.8% of children

“This excludes those with shared placement, many of whom have very low or no child support orders.

SResearch using national data show that there are different trajectories of child support receipt over time
(Sariscsany, Garfinkel & Nepomnyaschy, 2019). Research using Wisconsin records suggests that while there is
some movement between payment categories, most of those who pay in full in one year continue to pay in full the
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received very small amounts (more than zero but less than $20/child/month). Many families
received more substantial amounts, averaging $3,620 per child over two years (or about

$151/month), with a median of $2,315 (or about $96/month).

Figure 1. Distribution of Child Support Receipt Over Two Years
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While a simple division could be between those who receive no child support and those
who receive some, even $1, we prefer to treat very low amounts as essentially equivalent to none
since they will not have a large effect on the recipient’s budget. There is no theory or previous
research on the long-term effects of child support to guide a decision on the precise amount of
child support that should be used to divide the two groups. Some related research has included

those who receive income of up to $20/month from a particular source as the control condition

next year, and most of the nonpayers continue to be nonpayers (Meyer & Bartfeld, 1998). This suggests that relying
on the first two years of the order to define payment groups, while imperfect, is not particularly problematic.
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(e.g., Troller-Renfree et al., 2022); we follow this perspective, dividing between those who
receive on average less than $20/child/month from those who receive more. This results in 525
children in the low child support group (34% of our sample), and 1,036 who received more in
our preliminary analysis sample.® In our final analysis sample, 519 children are represented in
the low support group and 1016 are represented in the high support group.” For simplicity, we
hereafter refer to the up to $20/month group as “no child support,” as most of the children (77%)
in this group actually received nothing.

High and low compliance. An alternative perspective is that it is not the dollar amount of
child support that is most important, but whether the amount that was due was actually paid
(compliance). We calculate a compliance rate, dividing what was paid by what was owed over
the first two years, and we show the results in Figure 2. As we have already seen in Figure 1,
about 26% of children received nothing, so had zero compliance. About 23% of children had
parents who were 100% or more compliant. The average compliance rate in the sample was
61%, and the median compliance rate was 69%. We divide children into two groups, those for
whom the amount of child support paid was at least 75% of what was due, compared to those
with lower compliance (less than 75%). Again, the precise demarcation point is not clear from
prior research; using 75% rather than 100% allows for some measurement error and captures
those who receive most of what was due. This division means 732 children are in the high

compliance group (nearly half) and 829 are in the low compliance group in our preliminary

5Because some children were nested within families, we used robust and cluster-robust (where possible)
standard errors, clustering on the child support case identifier (a mother-father pair).

"This final analysis sample met the assumptions of the treatment estimator, including conditional
independence, overlap, and the independent and identically distributed assumptions.
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analysis sample. There are 720 children in the high compliance group and 818 children in the

low compliance group in the final analysis sample.®

Figure 2. Distribution of Child Support Compliance Over Two Years
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Variance in the level of child support orders means the payment groups and the
compliance groups are not identical. Some with higher orders receive a substantial amount of
support but it is still less than 75% of what is due, so have low compliance. In our preliminary
analysis sample, 20% of children who received more than $20/month had parents with
compliance rates below 75%. Comparing the results from the two approaches will inform the

interpretation.

8This final analysis sample met the assumptions of the treatment estimator, including conditional
independence, overlap, and the independent and identically distributed assumptions.
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Determining Equivalent Groups

A simple comparison of adult outcomes for those who received child support as children
and those who did not could be biased if the two groups were different in other characteristics.
As expected, they are substantially different (table not shown). For example, 42% of those who
did not receive support lived in Milwaukee County, compared to 21% that did receive support.
The fathers and mothers of those who did not receive support were 56 years younger than the
fathers and mothers of those who did. In fact, of the 42 characteristics we tested, 39 were
statistically (or marginally) significantly different between the two groups. The high and low
compliance groups were similarly distinct as 38 characteristics we tested were significantly
different between groups.

To make the child support and no child support groups equivalent, we use propensity
score matching (PSM) methods. PSM is a method of dividing groups with the objective of
approximating random assignment (Austin, 2011; Rosenbaum & Rubin, 1983). The goal is to
generate two groups that differ only with respect to child support (treatment) status. Propensity
score matching is carried out in two integrated steps. In the first step, we leverage logit or probit
models to calculate a participant’s propensity for receiving child support (Rosenbaum & Rubin,
1983).° In the second step, we use the propensity scores to generate equivalent groups. This can
be done with several matching methods. In our main models, we use nearest neighbor matching

with replacement; essentially this means that for each child who received support we look for a

°Rosenbaum and Rubin (1983) define the propensity score as follows:
P(Tx) = Pr(Tx = 1|X) = E(Tx|X) €))

where P(Tx) is the propensity to receive child support or to have a highly compliant parent, Tx indicates whether
payment and compliance were above the threshold used to assign individuals to the treatment condition, and X is a
vector of covariates affecting whether a child did or did not receive child support or have a compliant parent. Logit
and probit models are both models to estimate dichotomous outcomes; we use the model that results in the best
matches.
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child that did not receive support that had similar propensities. “Good” matches (defined by the
level of difference in the propensities) are kept, and a child without a “good” match is not used in
the final analysis sample.'® To evaluate whether the two groups are equivalent after the matching
procedure has finished, we calculate the standardized mean difference (SMD) and variance ratios
for the sample before and after the matching model. The covariates used to predict

children’s propensity to receive child support and SMDs and variance ratios are presented in
Appendix Table 2. SMDs less than .25 and variance ratios ranging from .5 to 2 indicate
satisfactory balance between the two groups (Rubin, 2001). The appendix table shows that the
raw data are not matched well, but after the matching procedure, almost all variables fit within
the definition of a satisfactory match. To ensure our results were robust to our choice of analytic
approach, we also employ two other matching algorithms (kernel and radius)!! and use

regression adjustments as another test.'?3

1%We use the Stata command ‘teffects psmatch’ with robust standard errors to derive analogous treatment
and control groups and match 1:3 nearest neighbors for payment and 1:2 nearest-neighbors compliance models,
respectively.

\We use Stata the command “‘psmatch2’ to generate propensity scores using kernel and radius algorithms.
We implemented empirical bootstrap sampling techniques with 1,000 repetitions to estimate standard errors for
statistical inference. We leverage Rubin’s B (the absolute SMD of the linear index of the propensity score in the
treated and matched untreated group) and R (the ratio of treated to matched untreated variances of the propensity
score index) to assess covariate balance between treatment and control conditions (Rubin, 2001). For payment and
compliance models, Rubin’s B was less than 25 and/or Rubin’s R fell between 0.5 and 2, indicating sufficient
covariate balance. For radius matching, we used a .25 caliper to match cases, and we used a bandwidth of .13 for
kernel matching for payment models. For compliance models, we use a .10 caliper to match cases, and we used a
bandwidth of .06 for kernel matching.

12For the regression adjustment method, we use the Stata command “teffects ra” with cluster-robust
standard errors with case membership as the cluster. This empirical strategy estimates treatment effects using a two-
step approach. First, two respective models are fit regressing the outcome of interest on covariates at each level of
treatment. Second, averages of the predicted outcomes for each child and treatment level are calculated, reflecting
potential outcome means. To obtain estimates of the average treatment effect on the treated, we limit this calculation
of means to children in the treatment conditions (child support or high compliance).

BAn alternative modeling approach was used to assess whether findings from the regression adjustment
model were robust, ensuring results were not sensitive to our choice of modeling technique. For the supplemental
analyses, we use Tobit models (Tobin, 1958) to account for the fact that 2019 earnings cluster at $0, such that
earnings are left-censored. These supplemental analyses result in similar conclusions.
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The PSM model allows us to estimate the difference in outcomes for those who received
child support as children to what the outcome would have been had they not received support
(the average treatment effects for the treated, ATT).1* The propensity to be in the child support
group, the matching of those in the child support group and the group without support, and the
estimated effect on outcomes (e.g., employment as an adult) are all estimated simultaneously.

These procedures are then repeated to generate the high- and low-compliance groups.
These groups are also statistically equivalent after matching, as seen in Appendix Table 3. We
conduct additional sensitivity analyses stratifying by child age at the time of child support
receipt, comparing children zero to five at the time of receipt to those six to sixteen. As a final
sensitivity test, we also carry out analyses excluding children who may be living out of state,

since the administrative records of their earnings and benefit use will be incomplete.*®

Results

Table 4 shows our main results, with the results from our base method (nearest-neighbor
matching) in the first column, and results from alternative matching techniques in the remaining

columns. These children were matched based on propensities to receive child support or have

14We present average treatment effects for the treated (ATT), which is formally defined as follows:
ATT = EY;|Tx =1) —E(Y,|Tx = 1) 2

where E (Y;|Tx = 1) signifies an outcome, Y, for children receiving the treatment, Tx (i.e., substantial child support
or with compliant parents, and E (Y,|Tx = 1) represents the unobserved counterfactual outcome for those same
children (i.e., outcome had they not received the treatment). PSM imputes the potential outcome, which is missing,
for each child by averaging outcomes of similar children who received the alternative treatment. Similar children are
defined by their probabilities (or propensities) to be treated. The average difference between observed and potential
outcomes for each child is computed to estimate the treatment effect. Where sufficient balance in PSM models is
achieved, the remaining differences in outcomes between groups are considered the ATT.

15T o illustrate why this might be a concern, consider that those not receiving child support may be more
likely to be disengaged from their noncustodial parent, and may have less reason to live in Wisconsin as an adult
than those who were closer to their noncustodial parent. If receiving child support is associated with staying in state,
we would be more likely to see earnings in the Wisconsin records for those who received support. Eliminating those
who we think are out of state in our view “over-corrects” since we will be excluding some who continue to live in
Wisconsin but are self-employed and do not receive benefits nor do they have a child welfare report.
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highly compliant parents. Receiving child support as a child is associated with an increase in
earnings as an adult of between $4,153 and $7,143/year. When using nearest-neighbor matching,
the average amount of 2019 earnings we estimate if those in the child support group had not
received the treatment would be $21,572; the estimated average for those in the child support
group after receiving the treatment would be $28,225 (not shown in table). This is a large
estimated increase, more than 30%. Estimates from all four algorithms are statistically significant
or approach statistical significance.

Table 4. Study 2: Association between Child Support during Childhood and Adult Outcomes

Regression
Outcomes Nearest Neighbor Radius? Kernel? Adjustment
Comparing Child Support Group
With No Child Support Group
2019 Earnings $6,654* $4,208* $4,153* $7,143*
(2,721) (2,436) (2,493) (2,832)
2019 Employment 1122* .0625 .0592 .1323**
(.0438) (.0392) (.0392) (.0494)
2019 SNAP Amount $-160 $-52 $-30 $-12
(134) (82) (84) (104)
2019 Any SNAP -.0604* -.0209 -.0175 .0120
(.0290) (.0286) (.0280) (.0337)
Child Support Case -.0364 -.0111 -.0076 .0260
(.0406) (.0359) (.0386) (.04112)
Observations 1,535 1,535 1,535 1,528
Comparing Higher Compliance
Group to Lower Compliance Group
2019 Earnings $8,689*** $9,757*** $10,155*** $9,681***
(2,615) (2,271) (2,229) (2,146)
2019 Employment 1257** .1155%* .1296%*** .1310%**
(.0432) (.0368) (.0398) (.0378)
2019 SNAP Amount $-19 $-29 $-26 $53
(67) (65) (63) (71)
2019 Any SNAP .0111 -.0075 -.0046 .0293
(.0192) (.0187) (.0183) (.0219)
Child Support Case .0201 .0028 .0045 .0134
(.0335) (.0305) (.0320) (.0319)
Observations 1,538 1,535 1,535 1,538

Notes:

For these models, we implemented common support by excluding high support/ observations with the lowest propensity
score density for the low support/compliance observations (or higher than a maximum or lower than a minimum
propensity score for the control case), supporting covariate balance. For earnings and SNAP amounts, ordinary least
squares regressions are used; for the other outcomes, we use probit models and show marginal effects. Parenthetical
values display robust standard errors.

+ p<.10 * p<.05** p<.01 *** p<.001
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Results suggest those who received child support as children are also more likely to be
employed as adults, by six to thirteen percentage points, although all algorithms do not yield
statistically significant relationships. The nearest-neighbor matching model predicts that the
employment rate if those in the child support group had not received the treatment would be
53.35%, but that receiving the treatment increases the rate by 11.22 percentage points, to 64.57%
(not on table). The dollar amount of SNAP benefits was lower for those receiving child support
in all four models, though no models show a statistically significant difference. The likelihood of
receiving any SNAP was lower for those receiving child support in all models, though only the
base model result was statistically significant. The nearest-neighbor matching model estimates
that 16.17% of the child support group would have received SNAP had they not received the
support; receiving support decreases this by 6.04 percentage points (not shown in table). Finally,
there is no detected relationship between child support receipt as a child and having a child
support case as an adult.

The bottom panel shows adult outcomes for those with higher compliance as children
compared to those with lower compliance. The relationship with earnings is even stronger than
seen in the first panel; all estimates are statistically significant at the p <.001 level, and estimates
are substantial in magnitude, over $8,500/year. The nearest-neighbor matching model estimates
$22,382 in earnings if those in the higher compliance group had not received the treatment; this
estimate increases to $31,071 with the treatment, an increase of 39% (not shown in table).
Additionally, those with higher compliance as children are substantially more likely to be
employed than those with lower compliance as children, by 11.6 to 13.1 percentage points. The
nearest-neighbor matching model predicts an employment rate of 53.82% if those in the higher

compliance group had not received the treatment; the treatment (high compliance) is associated
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with an increase of 12.57 percentage points, to 66.39% (not shown in table). There are no
differences between the compliance groups regarding benefits or having a child support case.

Income supports during a child’s early years may have a larger impact than in middle or
later childhood. In Table 5 we investigate the relationship between receiving support as a child
(and receiving high compliance) and all outcomes for those age zero to five when the court
petition was filed separately from those aged six to sixteen when the petition was filed and show
results from our base model (nearest-neighbor matching). Within both age groups, the
relationship between receiving support and later earnings is statistically significant; the results
are larger for compliance. Young children during child compliance exposure earned $9,673 more
as an adult and were 16.6 percentage points more likely to be employed than those with low
compliance. Results for the older age group suggests similar differences, as older children earn
$7,666 more and are 8.4 percentage points more likely to be employed, respectively (the
differences between age groups is marginally statistically significant for employment). In both
age groups, SNAP use as an adult is lower for those who received child support in their
childhood; the compliance groups do not show this difference. Results suggested younger
children who received more substantial child support payments were 6.9 percentage points less
likely to have an open child support case as adults. In summary, there are relatively few

differences between age groups.
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Table 5. Study 2: Association between Child Support during Childhood and Adult Outcomes by Age

Child Support Received Child Support Compliance Difference
Outcomes Zero to Five Six to Sixteen Zero to Five Six to Sixteen Payment Compliance
2019 Earnings $7,416%** $6,030*** $9,673*** $7,666***
(1,974) (1,604) (2,002) (2,260)
2019 Employment 1270*** 0941 *** .1662*** .0836*
(.0257) (.0292) (.0338) (.0343) +
2019 SNAP Amount $-135* $-190*** $30 $-69
(59) (46) (70) (52)
2019 Any SNAP -.0459* -.0780*** .0300 -.0085
(.0178) (.0169) (.0186) (.0159)
Child Support Case -.0686** .0029 .0191 .0212
(.0231) (.0278) (.0276) (.0305) *
Observations 973 562 975 563 1,535 1,538

Notes: Symbols in the Difference columns reflect difference between age subgroups. For earnings and SNAP amounts, ordinary least squares regressions are
used; for the other outcomes, we use probit models and show marginal effects. Parenthetical values display robust standard errors.
+ p<.10 * p<.05 ** p<.01 *** p<.001
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As a final sensitivity test, we make an initial effort to identify and exclude cases that are
likely to be out of state and exclude about 450 children (depending on the model) who were not
reported in administrative records to be in the state of Wisconsin during any month in 2019. (The
smaller sample size may make it less likely to be able to discern statistical relationships,
however.) Appendix Table 3 shows results for the nearest-neighbor model. The relationship
between child support payment and earnings, SNAP receipt, and the likelihood of receiving any
SNAP are statistically significant (p < .05). Further, the relationship between compliance and
earnings is statistically significant (p < .05); those who had higher compliance as children earn

about $8,333 more as adults. None of the other relationships are statistically significant.

DISCUSSION

Children living with their mother, but not their father, typically have access to fewer
resources and are more likely to be poor. Previous research also suggests diminished outcomes in
later life, including lower employment and earnings. The child support system is designed to
assure that children will benefit from the economic support of both parents, even if they reside
with only one. We hypothesized that adults who received child support as children would have
higher earnings; be more likely to be employed; have lower public program participation; receive
less in public benefits; and be less likely to have an open child support case than those who did
not receive child support or received very little. To test these hypotheses, we completed two sets
of analyses: comparing families receiving welfare benefits who were randomly assigned to
receive all, or just some, child support paid on their behalf; and comparing single mother
families receiving, or not receiving child support (and those with higher versus lower
compliance) using propensity score matching (PSM) to derive otherwise equivalent comparison

groups. The validity of the second study depends critically on the adequacy of the PSM;
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unobserved differences not adequately captured by the models may bias the estimates. The first
study relies on random assignment, supporting causal analysis, but is limited to a relatively
narrow sample: families receiving cash assistance.

We supported the first hypothesis: Across both studies, we find evidence of a statistically
significant increase in adult earnings associated with child support receipt. Our experimental
comparison of children of mothers receiving cash welfare shows those in the full child support
group had about $500/year higher earnings in 2019 than those in the partial support group in the
alternative samples, all else equal. Among the broader sample of children of mothers with a child
support order, and relying on propensity score matching estimates, receiving child support as a
child is associated with an increase in earnings as an adult of between $4,153 and $7,143/year,
and those with higher compliance as children (compared to those with lower compliance)
averaged over $8,500/year greater earnings. While both analyses support a finding of higher
earnings for those receiving child support, the differences in the quasi-experimental comparison
are substantially greater, which we discuss below.

We had partial support for the second hypothesis: In Study 1, receipt of child support was
not associated with employment status as adults. In Study 2, child support receipt was associated
with adult employment status in all four models (though two were not statistically significant),
and compliance was associated with employment in all models. The estimates for compliance are
particularly large: higher compliance as children was associated with an increased employment
rate of 11.6 to 13.1 percentage points. This inconsistent result might be related to differences
between the two studies. Another possibility is inconsistencies due to the use of a measure of
employment status that is crude (i.e., employed vs. non-employed) and limited (i.e., only formal

employment in Wisconsin), which calls for future research using more detailed measures of
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employment/occupation status (e.g., use of industry and occupation coding) or other forms of
data (e.g., survey reports).

These results are an important addition to the literature centered around the short-term
effects of the child support policy on a child’s well-being (Baughman, 2017; Hakovirta et al.,
2020; Lewis & Kornrich, 2020). Prior studies have shown several benefits of receiving child
support, including an increase in the custodial family’s financial resources and an improvement
in the child’s health and other behavioral and educational outcomes (Berger & Font, 2015;
Nepomnyaschy et al., 2012; Nepomnyaschy et al., 2014; Sorensen, 2016). The current study
provides evidence that the income provided by child support not only contributes to children’s
current resources but may also contribute to greater economic resources as young adults, mainly
in terms of earning levels and employment opportunities.

On the other hand, there is less consistent evidence of results for our remaining
hypotheses, examining SNAP participation, the amount of SNAP benefits, and having a child
support case as an adult. Study 1 shows some evidence that those in the full-support group were
less likely to receive benefits and received lower amounts, but these were not consistent across
samples. In Study 2, only one of the sixteen models for SNAP use or benefit amounts is
statistically significant. We find no relationship between child support as a child and having an
open child support case as an adult in our base results. These (mostly) null results call for future
research to identify childhood and life course factors (e.g., social support availability, family
networks) predicting future welfare involvement or marital/relational instability. Particularly, as
prior studies have shown that child poverty or growing up in a single-parent household may

increase the likelihood of welfare involvement in adulthood (Huang et al., 2002; 2004), further
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research is needed to examine under what conditions or context child support intervenes in such
long-term association.

In comparing the results of studies 1 and 2, we found two notable differences. First, in
terms of the long-term effect of child support receipt on earnings levels, there was a substantial
difference in the magnitude of its impact. Specifically, in Study 1, children in the full child
support group had about $500 per year higher earnings than those in the partial support group. In
Study 2, receiving child support as a child was associated with an increase in earnings as an adult
of between $4,153 and $7143 per year. Another difference between the two studies was that, in
Study 1 there were some noted group differences in SNAP use, whereas in Study 2 receipt of
child support as a child was not associated with SNAP use as an adult. These differences may
arise from sample differences; Study 1 relied on data from welfare recipients, whereas Study 2
relied on data from single parents of all economic statuses. Regarding the difference in the
magnitude of the earning impacts, one possibility is that the children of welfare participants face
a variety of disadvantages in the labor market, so that receiving child support may not have as
substantial an impact as it does for children whose parents did not receive welfare assistance.
Similarly, perhaps the children of welfare participants who receive child support as a child have
less SNAP use as an adult. Another possibility is that the PSM model in Study 2 is not able to
fully control for differences between the groups, whereas the random assignment analysis (Study
1) is able to control for unobserved differences. Third, Study 1 differentiates groups by what was
a fairly small difference. One group received partial support, and the other group full support, but
the distinction mattered only during periods of welfare receipt; when parents moved off of
welfare, parents in both groups received the full amount. If there had been more contrast between

the two groups, the effects may have been larger.
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Overall, the results of the current study support the intergenerational transmission of
economic status that asserts an economic association between parents and their adult children
(Becker & Tomes, 1979; 1986; Harper et al., 2003; Blanden et al., 2014). More importantly, this
study offers evidence that child support may serve as a mechanism for mitigating the persistence
of economic disadvantage associated with the parent’s single parenthood in a way that increases
the child’s earnings and employment opportunities as an adult. McLanahan (2004) asserted that a
change in family structure diminishes the pool of parental resources and ultimately widens a gap
in later life outcomes between adults raised in two-parent families versus those who did not. Our
results suggest that child support may alleviate such a gap in the long run, further supporting the
legitimacy of the child support policy.

The supplementary analyses that examined long-term effects of child support receipt by a
child’s age do not show expected results. Established literature suggests that parental separation
or divorce can influence the well-being of children, and such effects can differ by a child’s age
(Garriga, & Pennoni, 2020; Kalter & Rembar, 1981). Moreover, prior studies suggest that family
income during early childhood has a more significant impact on children’s development,
specifically cognitive outcomes, than family income during later childhood (Duncan, et al., 2015;
Harkness et al., 2020). Securing more financial resources through child support payments may
contribute to a child’s development during the critical early period, and such benefits may persist
until early adulthood. However, we generally find no difference between child support received
as a young child (aged 0-5) and that received as an older child (aged 6-16).

The current study has limitations. First, children who were likely to be out of state were
regarded as having zero earnings, no employment, no SNAP records, and no child support case.

Although we offered the result of the sensitivity analysis that re-estimated the models excluding
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such cases, we note that this issue might have affected the findings of this study. Namely, if these
out-of-state children have been disproportionately assigned in one of the two groups and have
more false zeros in either group, any observed differences between the groups might have been
under- or overestimated. Relatedly, we cannot rule out potential unmeasured confounders that
may have affected the results. For example, receipt of child support may indicate a greater
involvement from the non-custodial parent (Carlson & Magnuson, 2011), which could positively
affect the overall development of children and thus improve economic prospects as young adults.
Despite its advantages, the limited capacity of PSM matching should be noted. While we can use
PSM to balance observed covariates, unmeasured confounders potentially remain unaccounted
for, and their exclusion may bias results. For instance, the exclusion of features such as mother
and father education or employment (as a function of data quality) that are known to influence
child support payment and compliance may lead to different conclusions regarding the
magnitude of the relationship between child support receipt or compliance and adult outcomes.
PSM methods are commonly implemented in the literature, and many authors do not sufficiently
document the balancing diagnostics or other hyperparameters (e.g., radius values, caliper values)
associated with final models and results (Yao et al., 2017). As such, PSM and the statistical
procedures underlying the technique are often considered to be a sort of “black box.” In the
present study, we implement several algorithms to ensure the robustness of our results and report
relevant balancing diagnostics as a proactive step to address this perceived limitation. Elsewhere
researchers highlight the strengths and weakness of various PSM algorithms that readers may
find useful (see Austin 2014; Caliendo, & Kopeinig, 2008). Additionally, the data for the study
were gathered in a single state, Wisconsin, so it may not be generalizable to those in other states.

Moreover, the data for Study 2 were drawn from 21 (of 72) counties, so they did not cover the
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whole state. In addition, the study sample was limited to children with custodial mothers, which
may not represent the current composition of child support cases that includes a significant
portion of cases where both parents share placement and a smaller share of custodial fathers
(Meyer et al., 2017). In addition to potential limitations on generalizability, the five outcome
variables were based on the data measured in 2019; combining data from multiple years may
offer more robust results. Lastly, the use of Wisconsin administrative data was limited in terms
of the availability of variables, especially about a child’s characteristics or other psychological or
health outcomes. Relatedly, the current study did not incorporate the non-financial contributions
of the non-custodial parent to predict long-term effects, which warrants future research.

Despite such limitations, the key contribution of the current study is to begin to fill the
knowledge gap in the literature by demonstrating that receiving child support as a child may
have a long-term association with higher earnings as an adult than those who did not receive
child support or received very little. Receipt of child support increases financial resources
available for children and may enhance their earnings potential as young adults. Future research
can further explore the long-term effect of child support receipt on other aspects of adult well-
being, such as relational/marital stability or health outcomes.

Our findings also offer implications for policy. First, our findings can be seen as evidence
for encouraging orders at an appropriate level, even for noncustodial parents facing barriers. In
Study 2, adult earnings are more related to compliance (the proportion of the order that was paid)
than they are to whether child support was received. This may reflect differences in the cutoffs
and comparisons; the higher compliance group is relatively smaller than the child support
payment group. Alternatively, compliance may be particularly important, suggesting the

potential that “right-sizing” orders may be particularly important: lowering the amount owed
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may mean that compliance is higher (e.g., Hodges et al., 2020), which could then have
consequential long-term results. Second, our findings suggest the importance of payments. Child
support services are cost-effective when judged by the return on expenditures, collecting over
five dollars for every dollar spent on enforcement in 2019 (Congressional Research Service,
2021). Concerns have been raised that excessive enforcement can be counterproductive, may
damage family relationships, and discourage, especially low-income fathers, from formal
employment (Hahn et al., 2018; Cancian et al., 2013). On the other hand, child support often
provides critical economic support to otherwise financially vulnerable families. And our results
indicate that the returns may be even greater than typically estimated, given the long-term
impacts. Child support may disrupt patterns of intergenerational disadvantage, reducing the
economic vulnerability of children living with single mothers, and improving those children’s
earnings as adults.

Our results do not directly address the impact of other income support. Child support may
have differential impacts than, for example, public benefits. But the finding that relatively
modest increases in child support receipt as a child increase earnings as an adult suggests the
importance of considering the full array of potential benefits of other investments in families
with children. COVID economic-relief cash benefits and the expansion of the Child Tax Credit,
for example, substantially reduced economic vulnerability and child poverty (U.S. Census
Bureau, 2021a; 2021b). To the extent that reducing economic hardship for children also supports

better outcomes for them as adults, the returns to those investments are that much greater.
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Appendix Table 1. Study 1: Association between Being in the Full Child Support Group during Childhood and Adult Outcomes

2019 2019 2019 Any 2019
2019 Earnings SNAP Amount Employment SNAP Receipt Kids Case
Full Child Support Group $305 $-37 -0.0055 -0.0140 -0.0020
(337) (38) (0.0102) (0.0100) (0.0098)
Child Age $406*** $44x** -0.00439*** 0.00263* 0.0351***
(48) (5) (0.0014) (0.0014) (0.0014)
Child Male $-2,139*** $-1,369*** -0.118*** -0.263*** -0.177***
(301) (35) (0.00860) (0.00871) (0.00912)
Child Race/Ethnicity (relative to white)
Black $-1,725*** $148*** -0.0114 0.0805*** 0.0393***
(357) (40) (0.0110) (0.0105) (0.0104)
Other - - - - -
Focal Child’s Non-Resident Parent’s Earnings Were $3,106*** $-164** 0.0387* -0.0622*** -0.0473**
$15,000 or More (relative to $0-$14,999) (684) (63) (0.0167) (0.0176) (0.0167)
Mother’s Child Support in Last Year (relative to $0)
$1-$999 $278 $9 0.0191 -0.00604 0.00286
(406) 47) (0.0128) (0.0124) (0.0124)
$1,000 or more $1,246** $-40 0.0356** -0.0154 -0.0147
(454) (49) (0.0131) (0.0127) (0.0125)
Mother’s Age (relative to 25 or younger)
26-30 $-430 $-59 -0.0257* -0.0223* -0.0324*
(433) (47) (0.0137) (0.0131) (0.0126)
31 or older $106 $-58 -0.000235 -0.0183 -0.0496***
(484) (52) (0.0147) (0.0144) (0.0141)
Mother’s Education (relative to post high school)
Less than HS $-1,138* $419*** 0.0295 0.124*** 0.0977***
(636) (65) (0.0190) (0.0180) (0.0186)
HS Diploma $687 $184** 0.0406* 0.0605*** 0.0327*
(654) (63) (0.0192) (0.0183) (0.0187)
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2019 2019 2019 Any 2019
2019 Earnings SNAP Amount Employment SNAP Receipt Kids Case
Mother’s Employment in Previous 8 Quarters
(relative to 0 quarters)
1-4 Quarters $-698 $89* 0.0148 0.0298* 0.0312*
(484) (52) (0.0145) (0.0141) (0.0138)
5-8 Quarters $511 $48 0.0215 0.0136 0.0395**
(539) (57) (0.0160) (0.0154) (0.0150)
Number of Legal Fathers in Mother’s Family
(relative to 0)
One $-1,353 $-21 -0.0328 -0.0469 -0.0134
(1,246) (100) (0.0420) (0.0424) (0.0456)
Two or More $-1,401 $50 -0.0143 -0.0181 0.0162
(1,267) (105) (0.0427) (0.0431) (0.0463)
Number of Children (relative to one)
Two $334 $162** -0.0236 0.0218 0.0346*
(547) (51) (0.0167) (0.0165) (0.0165)
Three or More $-841 $233*** -0.0525** 0.0314* 0.0675***
(561) (53) (0.0172) (0.0167) (0.0170)
Observations 17,923 17,923 17,923 17,923 16,989

Notes: Models also control for initial assignment, Initial W-2 Tier, AFDC Use in Prior 24 months, and County. For earnings and SNAP amounts, ordinary
least squares regressions are used; for the other outcomes, we use probit models and show marginal effects. Parenthetical values display robust standard errors.
+ p<.10 * p<.05 ** p<.01 *** p<.001
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Appendix Table 2. Study 2: Standardized Mean Difference (SMD) and Variance Ratio for

Payment Model

Standardized

Standardized

Mean Mean

Difference Difference Variance Ratio  Variance Ratio

Raw Data Matched Data Raw Data Matched Data
Child Male -0.04 -0.04 1.00 1.00
Child Age 0.65 -0.17 1.19 0.75
Father Earnings 0.92 0.23 3.19 1.46
Mother Earnings 0.79 -0.25 2.46 0.40
Marriage Date (days since Jan 1st, 1960) -0.14 0.12 2.12 0.87
Father Age at Petition 0.64 -0.04 0.67 0.83
Mother Age at Petition 0.85 -0.06 0.95 0.88
Child Support Owed 0.91 -0.20 2.14 0.39
Father Race
White 0.27 -0.06 1.00 1.02
Black -0.83 0.05 0.19 1.25
Other -0.33 -0.15 0.26 0.49
Mother Race
White 0.24 -0.05 0.89 1.04
Black -0.67 0.10 0.26 157
Other -0.27 0.02 0.33 1.13
Child Race
White 0.48 -0.03 0.88 1.03
Black -0.68 0.05 0.22 1.26
Other -0.42 0.01 0.29 1.05
Father Born US
No 0.19 -0.05 1.25 0.95
Yes -0.66 0.00 1.14 1.00
Father Born WI
No -0.14 -0.04 0.94 0.98
Yes - - - -
Mother Born US
No 0.44 0.03 1.76 1.02
Yes -0.82 -0.01 1.57 1.00
Mother Born WI
No 0.13 0.03 1.06 1.01
Yes - - - -
Child Born US
No 0.37 0.05 2.48 1.10
Yes -0.64 -0.03 2.25 1.02
Child Born WI
No 0.20 0.06 1.37 1.08

Yes
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Standardized Standardized
Mean Mean
Difference Difference Variance Ratio  Variance Ratio
Raw Data Matched Data Raw Data Matched Data

Father Number of Marriages

None - - - -
One or More 0.93 -0.13 0.90 1.17
Mother Number of Marriages

None - - - -
One or More 0.86 -0.05 0.76 1.07
Father Marital Status

Never Married or Divorced/ -0.25 0.01 0.35 1.08
Separated/Widowed

Married -0.23 0.02 0.22 1.18
Mother Marital Status

Never Married or Divorced/ -0.72 0.05 0.23 1.26
Separated/Widowed

Married -0.25 0.03 0.24 1.25
Father Legal Representation

Yes 0.66 0.10 1.57 1.01
No -0.64 -0.08 1.44 1.00
Mother Legal Representation

Yes 0.27 0.13 0.75 0.86
No -0.27 -0.12 0.73 0.85
County Rural/Urban

Rural 0.16 -0.20 1.13 0.92
Urban 0.28 0.33 1.16 1.21

Note: The standardized mean difference (SMD) and variance ratios were calculated for the sample before and
after PSM. SMDs less than .25 and variance ratios ranging from .5 to 2 indicate satisfactory balance (Rubin,
2001); Mother earnings, child support owed, father race: other, and Urbanicity slightly exceed these
recommended thresholds.
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Appendix Table 3. Study 2: Standardized Mean Difference (SMD) and Variance Ratio for
Compliance Model

Standardized Standardized

Mean Mean

Difference Difference Variance Ratio  Variance Ratio

Raw Data Matched Data Raw Data Matched Data
Child Male 0.03 -0.05 1.00 1.00
Child Age 0.58 -0.03 0.98 0.86
Father Earnings 0.87 0.08 3.29 1.62
Mother Earnings 0.57 -0.15 1.69 0.58
Marriage Date (days since Jan 1st, 1960) -0.19 0.12 1.73 0.85
Father Age at Petition 0.62 -0.06 0.64 0.82
Mother Age at Petition 0.80 -0.11 0.75 0.74
Father Race
White 0.09 -0.14 0.99 1.05
Black -0.75 -0.02 0.10 0.85
Other -0.25 -0.12 0.32 0.53
Mother Race
White 0.18 -0.04 0.90 1.04
Black -0.62 0.06 0.17 1.47
Other -0.29 0.05 0.23 1.59
Child Race
White 0.35 0.00 0.86 1.00
Black -0.63 -0.01 0.13 0.95
Other -0.36 0.01 0.29 1.04
Father Born US
No 0.21 -0.24 1.26 0.87
Yes -0.70 0.09 0.96 1.08
Father Born WI
No -0.10 -0.20 0.95 0.92
Yes - - - -
Mother Born US
No 0.43 -0.04 1.56 0.98
Yes -0.77 0.06 1.18 1.03
Mother Born WI
No 0.11 -0.03 1.05 0.99
Yes - - - -
Child Born US
No 0.38 -0.04 2.20 0.95
Yes -0.59 0.04 1.70 0.99
Child Born WI
No 0.22 -0.04 1.39 0.95

Yes - - - -
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Standardized Standardized
Mean Mean
Difference Difference Variance Ratio  Variance Ratio
Raw Data Matched Data Raw Data Matched Data

Father Number of Marriages

None - - - -
One or More 0.78 -0.07 0.70 1.10
Mother Number of Marriages

None - - - -
One or More 0.77 0.10 0.60 0.86
Father Marital Status

Never Married or Divorced/ -0.29 0.04 0.23 1.40
Separated/Widowed

Married -0.20 -0.08 0.23 0.50
Mother Marital Status

Never Married or Divorced/ -0.69 0.02 0.12 1.14
Separated/Widowed

Married -0.18 -0.02 0.35 0.88
Father Legal Representation

Yes 0.64 0.08 1.29 0.99
No -0.65 -0.07 1.21 0.98
Mother Legal Representation

Yes 0.25 0.09 0.74 0.88
No -0.28 -0.09 0.69 0.87
County Rural/Urban

Rural 0.11 -0.01 1.09 0.99
Urban 0.17 -0.04 1.08 0.99

Note: The standardized mean difference (SMD) and variance ratios were calculated for the sample before and
after PSM. SMDs less than .25 and variance ratios ranging from .5 to 2 indicate satisfactory balance (Rubin,
2001).
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Appendix Table 4. Study 2: Association between Child Support during Childhood and Adult
Outcomes, Wisconsin Residents Only

Nearest Neighbor Nearest Neighbor Compliance
Outcomes Payment Model Model
2019 Earnings $9,879*** $8,333**
(2,193) (2,797)
2019 Employment .0525 .0554
(.0819) (.0456)
2019 SNAP Amount $-504* $-24
(230) (96)
2019 Any SNAP -.1974** -.0156
(.0753) (.0327)
Child Support Case -.1036** -.0554
(.0363) (.0551)
Observations 1,076 1,076

Notes: For earnings and SNAP amounts, ordinary least squares regressions are used; for the other
outcomes, we use probit models and show marginal effects. Parenthetical values display standard
errors.

+ p<.10 * p<.05 ** p<.01 *** p<.001



