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Abstract

This paper investigates the need for medical insurance and the effect
of Medicaid eligibility rules on the behavior of female~headed households
with children, using 1980 data available from the National Medical Care
Utilization and Expenditure Survey. Although insurance coverage improves
access to medical services, many female-headed households are not covered
by private insurance, implying that these women should find Medicaid eli~-
gibility desirable. In some states, Medicaid eligibility is only
available for AFDC recipients. In other states the Medically Needy
program allows some women to receive Medicaid without participating in
other transfer programs. A multiple choice likelihood function is used
to estimate the extent to which health problems and the parameters of the
Medicaid program affect AFDC participation, labor market involvement, and
Medicaid usage among those eligible for the Medically Needy program. It
is clear that health problems significantly increase AFDC usage, even
after controlling for their effects on labor market opportunities. Where
it is available, the Medically Needy program is most likely to be used by
households with greater personal health problems, or with small children.
Most women who receive coverage from the Medically Needy program appear

to go without insurance in states where it is not available.



The Effect of Medical Need on AFDC and Medicaid Participation

Medical insurance in the United States has traditionally been pro-
vided through private insurance companies. The primary exceptions to
this are the two govermment health insurance programs, Medicare, which
provides health care to participants in the Social Security system, and
Medicaid, which covers certain low-income households. Medicaid is not,
however, a comprehensive insurance scheme available to all low—income
households. Coverage is guaranteed only to those households which are
categorically eligible for the two major means—tested transfer programs,
Aid to Families with Dependent Children (AFDC) or Supplementary Security
Income (SSI). States can extend coverage to groups that participate in
other programs (such as General Assistance.) In addition, over half the
states offer a "Medically Needy" option, allowing households which are
not eligible for public assistance programs to qualify for Medicaid under
certain conditions.

This paper investigates the need for medical insurance and the effect
of Medicaid eligibility rules on the behavior of female-~headed households
with children. This population is of particular concern because it is
disproportionately poor (over one-third are below the poverty line), and
because many of these households lack access to private medical insurance
and rely on Medicaid. The first two sections of the paper present evi-
dence on the extent and type of insurance coverage available to these
households, as well as the effect of coverage on access to medical ser-
vices.

Given a serious lack of availability of private medical insurance to

this population, the eligibility criteria by which female-headed



households have access to Medicaid should be a crucial policy question.
It is frequently suggested that many women remain on the AFDC program
because it guarantees access to Medicaid. The third section of the paper
presents the eligibility rules for Medicaid in more detail, and

discusses a theoretical model of the impact of these rules on AFDC and
labor market participation. The fourth section presents several econo-
metric models which measure the joint effect of health needs on par-
ticipation in AFDC, Medicaid, and the labor market. The availability of
the Medically Needy program in only some states is used to estimate the
demand for public insurance coverage, independent of AFDC eligibility.
The fifth section discusses the estimation results from these models.
Simulations are used to indicate the extent to which household health
needs and AFDC and Medicaid program parameters affect AFDC and labor
market participation. The final section of the paper summarizes the main
points of the paper, and indicates where further research might be fruit-
ful.

The data used throughout this paper are from the National Medical
Care Utilization and Expenditure Survey (NMCUES),l which interviewed a
random sample of households in the United States during calendar year
1980. Approximately 6,000 households participated in the study, repre—
senting over 17,000 individuals. This paper focuses on the 475 house-
holds that were female-headed throughout the year and contained at least
one child under the age of 21. The particular advantage of NMCUES for
this analysis is that it contains questions on medical need, insurance
usage, and medical care utilization among all household members, as well

as questions on labor market involvement, income sources and amounts. No



previous data set has provided as complete a combination of medical and

income/earnings information, and consequently it has not previously been
possible to investigate the relationship between medical needs, institu-
tional eligibility rules for AFDC and Medicaid, and AFDC and labor market

involvement.

I. Insurance Coverage among Female~Headed Households

In the United States, medical insurance is primarily available
through one's employer as part of a fringe benefit package. However,
because many women who head households work only part time or part year
(or not at all), many of them do not have a complete set of fringe bene-
fits available through their job. This employment fact, which is closely
related to the disproportionately low incomes of many female-headed
households, leads to a serious gap in the availability of private medical
insurance to many women and their children.?2 Table 1 presents the extent
to which female-headed households are covered by insurance.3

Of the entire sample, less than half (47%) had private insurance
available to them throughout 1980. Another 11% were covered by private
insurance for part of the year. More than one—third of the households
relied on Medicaid for all or part of the year. While only 7% were unin-
sured for the entire year, almost one-quarter (24%) were uninsured for at
least part of the year.

Not surprisingly, the bulk of the uninsured are low—income house-
holds. Thirty percent of all those below 125% of the poverty line were
uninsured for all or part of the year. Only 10% of this income group had

private insurance year-round, and 54% relied on Medicaid all year.



Table 1

Availability of Insurance among Female-Headed Households

Insured Year Round Insured Part of Year

Mix of Uninsured
Private Medicaid Private & Private Medicaid All
Total All Year All Year Medicaid Part Year Part Year Year

Total. Households
Number 475 225 118 16 54 27 35
Percentage 100% 47% 25% 3% 11% 67 7%

By Poverty Status
<125% of poverty line

Number 184 19 100 11 20 18 16

Perceatage 39% 10% S54% 67 11% 10% 97

>1257% of poverty line

Number 291 206 18 5 3% 9 19

Percentage 61% 71% 67 2% 127 3% 7%
By Household Income?

<$10,000

Number 207 34 101 11 24 17 20

Percentage 447 16% 497 5% 12% 8% 107

$10-20,000

Number 168 108 13 4 22 9 12

Percentage 35% 647 8% 2% 132 5% 7%

$20-30,000

Number 63 51 4 1 5 0 2

Percentage 13% 81% 6% 2 8% 3%

>$30,000

Number 37 32 0 0 3 1 1

Percentage 8% 867 8% 3% 3%

By Employment Status
Full-Time, Full-Year Worker
Number 169 140 1
Percentage 35% 83% 1%

14 3 10
VA 8% 2% 67

—

— Table Continued ~



Table 1, Continued

Insured Year Round Insured Part of Year
Mix of Uninsured
Private Medicaid Private & Private Medicaid All

Total All Year All Year Medicaid Part Year Part Year Year

Full-Time, Part—Year Worker

Number 87 39 8 9 19 4 8

Percentage 18% 457 9% 10% 22% 5% 9%
Part-Time Worker

Number 81 25 24 4 13 8 7

Percentage 17% 30% 30% 5% 16% 10% 9%
Unenmployed All Year

Number 40 2 28 1 0 7 2

Percentage 8% 5% 70% 27 18% 5%
Not in Labor Force

Number 98 19 57 1 8 5 8

Percentage 21% 197 8% 1% 8% 5% 8%

Source: Natiomal Medical Care Utilization & Experditure Survey, 1980. All female-headed households in
the survey with a child under 22 are included, except those receiving Medicare.

21980 dollars.



However, even among women in the upper—income categories, a significant
number (more than 10%) were not insured for the full year.

The relationship between employment status and insurance is of par-
ticular interest. Over one-third of the sample worked full time, full
year, and while the majority of these women had year-round private
insurance, still a significant number, 17%, did not. And less than half
of part-year workers and less than a third of part—time workers had full-
year private insurance.

It is clear that a large private insurance "gap" exists among female-
headed households. The assumption that they will be able to receive
insurance through their contact with the labor market is inappropriate
for the many women who are not full-time, full-year workers, or those who
are unemployed or out of the labor force altogether. The Medicaid
program partially fills this gap, providing a high percentage of low-
income women with at least part—~year insurance coverage. However, quite
a few households within this population remain uninsured for some period

during the year.

II. Insurance Coverage and Medical Care Utilization

Lack of insurance coverage by itself may not indicate lack of access
to medical services. People without insurance may be healthier than
those with insurance. Or they may be able to acquire medical care
through indigent—care services. However, most research indicates that
insurance coverage increases access to medical care. A significant
increase over the last 20 years in the extent to which low income house-

holds have access to medical services (and a concomitant improvement in




their health status, as measured by a wide variety of variables) has been
directly linked to the creation and expansion of the Medicaid program.4

Table 2 tabulates usage rates by insurance coverage for six cate-
gories of medical services within the sample of female—headed
households.? Some of these services are mandatorily covered by Medicaid
in all states; others are optional, and are covered only by a few statese.
It is clear that both the propensity to use any of these services and the
extent of usage is much higher among the insured than among the unin-
sured. In addition, those insured by Medicaid are more likely to use
these services (except dental) than the privately insured, and to use
them more often.

However, Table 2 makes no adjustment for differences in household
composition or health needs between the uninsured and those insured pri-
vately or by Medicaid. Table 3 presents the results of six multivariate
regressions, where the dependent variable is the number of times a house-
hold uses a particular medical service over the year.6 The independent
variables include a set of controls for household characteristics (not
reported here), several measures of health status,7 and dummy variables
for those who are not insured or are insured by Medicaid. The coef-
ficients on the dummy variables show the use of these medical services
relative to the omitted (private insurance) category.

Table 3 clearly indicates that health restrictions~-both for the head
and for other household members—--increase the demand for medical ser-
vices. Restricted activity days provide a general measure of the
sickness/wellness of the household. Activity limits are a measure of

more serious functional disabilities. In addition, perceived health




Table 2

Use of Medical Services by Insurance Type and Availability
among All Members of Female-Headed Households?@

Medicaid Recipients Private Uninsured
Cost Covered Cost Not Covered Insurance All
by State by State Recipients Year
Doctor Visits
No. persons visiting 362 b 532 73
% persons visiting 647 b 627 447
Average visits per
person visiting 4.6 b 3.7 3.0
Emergency Room Visits
No. persons visiting 168 12 215 32
% persons visiting 347 19% 25% 19%
Average visits per
person visiting 1.8 1.3 1.4 1.6
Other Medical Visitsb
No. persons visiting 128 b 189 21
% persons visiting 237% 227 13%
Average visits per
person visiting 4.6 4.5% 2.9
Nights in Hospital
No. persons in hospital 81 b 76 6
% persons in hospital 147% 9% 47
Average nights per
person in hospital 9.4 7.3 5.7
— Table continued -



Table 2, Continued

Medicaid Recipients Private Uninsured
Cost Covered Cost Not Covered Insurance All
by State by State Recipients Year
Dentist Visits
No. persons visiting 195 13 379 38
% persons visiting 37% 347% 447 23%
Average visits per
person visiting 2.2 245 2.9 2.4
Prescribed Medicines
No. persons w/prescription
medicines 346 4 466 59
% persons w/prescription
medicines 637% 31% 55% 36%
Average prescription
medicines per user 6.6 12.5 6.0 5.4

4Total sample is 1566 observations, including both heads and other household members.

bAll states are required by federal law to cover physician services, inpatient and out-
patient hospital services, laboratory and X-ray services, dental care for those under
age 2! and family planning services (unless these relate to specific, uncovered physi-

cal problems.)

CIncludes all visits to hospitals or doctors' offices where no doctor is seen.
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Table 3

Effect of Insurance Coverage and Health Needs
on Household Medical Care

(OLS Regressions@; Standard Errors in Parentheses)

Emergency  Other Number of
Doctor Hospital Room Medical Dentist Prescribed
Visits Stays Visits Visits Visits Medicines
Insurance Coverage
No insuranceb -.875%  -,737% -.036 .232 -.385% -1.621%
(.440) (.508) (.118) (.628) (.262) (.959)
Medicaid insuranceP <404% -.577%* «163% <355 -.023 .370
(.292) (.337) (.079) (.417) (.174) (.637)
Health Characteristics
Restricted activity .014% .011=* .004% -.004 .002 047%
days of headC (.003) (.004) (.001) (.005) (.002) (.007)
Restricted activity .007* .026% «004%* .015% .001 .003
days of other members® (.004) (.004) (.001) (.005) (.002) (.008)
Activity limits on head . 684% 491% .082% .195 .048 1.574%
(0/1 variable) (.210) (.242) (.056) (.299) (.125) (.457)
Percelved health statusd 1.208%* .633% o 154% 1.293* 084 1.562%
(.294) (.339) (.079) (.419) (.175) (.640)
R2 .250 .161 .245 .087 .105 .283

*Significant at 10% level or higher.

dRegressions also include controls for age and education of head, household size,
number of preschool children, race, household income and a constant. Coefficients
unreported here but available from author upon request.

bgoefficients indicate the effect relative to the omitted (private insurance) category.

CIncludes bed days, reduced-activity days, and any additional work/school loss days due
to illness.

dMean of all household members' perceived health status (1 = excellent, 4 = poor).
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status clearly has a measurable effect on medical care utilization, even
after controlling for objective measures of health need.

The lack of insurance significantly decreases a household's propen-
sity to use medical services in all categories except the residual "other
medical visits“--which are all visits to a medical care facility
(excluding emergency room visits) in which a doctor is not seen——and
emergency room visits. This may indicate the extent to which noninsured
individuals utilize emergency rooms or nontraditional sources of medical
care when they do seek it out. Even after controlling for health status
and household characteristics, the regressions in Table 3 indicate that
households insured by Medicaid are more likely to visit the doctor and
the emergency room than are privately insured households, and less likely
to stay in the hospital. This result could reflect differences in the
insurance structure of Medicaid versus most private plans (for instance,
covered Medicaid expenses have no deductible to be paid by the patient,
unlike most private insurance schemes), or it could be due to some
further differences between Medicaid and privately insured households
which we have not adequately controlled for. However, the primary
message from Tables 2 and 3 is that insurance makes a difference in the
medical care which a household utilizes. With Medicaid, in fact, it may
be easier to have access to certain medical services than with private
insurance. Given that many women who head households do not have access
to private insurance, and given that Medicaid seems an effective way of
providing equivalent quantities of medical care, one would expect that
many of the women who do not have access to private insurance would seek

to participate in the Medicaid program.
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ITI. Modeling the Impact of Medicaid Eligibility Rules

As in many U.S. transfer programs, Medicaid eligibility is based on a
combination of federally mandated requirements and optional state exten—
sions.8 Under federal mandate, the Medicaid program must be available to
all households that are judged "categorically eligible,” meaning that the
household has already been certified to receive either AFDC or SSI. The
federal government also requires that households which leave AFDC through
income or earnings increases (thus excluding those women who marry) must
be allowed to maintain their Medicaid eligibility for four months after
AFDC is terminated. States have some leeway in defining who is included
in the “"categorically eligible"” definition (for instance, some states
exclude the male-headed households on the AFDC-Unemployed Parent
program.) The extent of Medicaid coverage may also vary among states.
While there are eight medical categories that all states must cover,9
there is a long list of optional expenses which states may or may not
choose to cover, such as emergency room costs, prescribed medicines, den-
tal care for adults, physical or occupational therapy, etc. States are
not allowed to charge copayments or deductibles on any of the eight man—
dated categories, but can place such charges on optional services.

In 20 states in 1980 only the categorically eligible could receive
Medicaid. Most unmarried women who were not on the AFDC program had no
access to publicly funded medical insurance. However, 29 states and the
District of Columbia participated in the optional Medically Needy
program.10 Under this program, households not eligible for AFDC might

still qualify for Medicaid. The state establishes a "net protected
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income"” level (which under federal law could not exceed 133.3% of the
maximum AFDC assistance payment) and a “spenddown"” period (six months or
less). A household is considered eligible for Medicaid under the
Medically Needy program if its income is below the net protected income
level or if it qualifies for spenddown—--i.e., its expected income minus
unpaid medical bills is below the protected income level over the spend-
down period.ll The household is expected to pay this difference
(something like a deductible), but all medical expenses that exceed this
difference are covered by Medicaid. Medicaid eligibility can only be
certified for the spenddown period and must be recertified if continued
medical expenses occur. There are also asset limits for the Medically
Needy program, which makes it very difficult for middle-income families
to qualify for Medicaid, even when faced with large medical bills.

Appendix Table A presents a list of the states, indicates which have
Medically Needy programs, and shows the AFDC maximum payment for a four-
person family in 1980, as well as the net protected income level and the
spenddown period. Note that although states may set Medically Needy pro-
tected income levels at up to 133.3% of the AFDC maximum, few of them
actually go this high.12 In fact, in eight states the protected income
level is below the maximum AFDC payment level.

The impact of Medicaid on the budget line of a household in a state
without the Medically Needy program is indicated in Figure 1.13  1n this
case, the household may receive AFDC and Medicaid together until the
break—even point B, at which the household has earnings which disqualify
it from AFDC eligibility. At point B, the AFDC grant is reduced to zero

and Medicaid insurance is lost. The loss of Medicaid insurance typically
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creates a notch in the budget line. Standard economic analysis indicates
that some individuals who might otherwise have remained off AFDC and are
located above the break—even point will be induced by the Medicaid notch
to remain on AFDC. The utility curves of such an individual are pictured
in Figure 1.

Realize that the size of the Medicaid notch depends upon the availa-
bility of subsidized private insurance. If an individual has private
insurance available through her employment which is as extensive as
Medicaid in coverage, then there is no Medicaid notch. However, if pri-
vate insurance is not available, or is not fully subsidized, and hence
must be purchased, or if its coverage is less extensive than Medicaid's,
then the notch will exist.l4 A more likely case is that some partially
subsidized private insurance may be available to a worker, but only if
her hours of work are very large. Thus the budget set may appear as
shown in Figure 2, with a Medicaid notch at low hours of work, and a
"full-time” notch at high hours of work, where employer-subsidized pri-
vate insurance becomes available. In this situation, some individuals
will decrease their hours of work in order to be eligible for Medicaid,
while other workers will increase their hours of work in order to take
advantage of employer health insurance. Table 1 indicates that the best
predictor of private insurance availability is full-time, full-year work.
Thus, I assume that by explicitly modeling hours of work in the econo~-
metric model below, I am controlling for access to private insurance.

The situation in Medically Needy states (the term used in this paper
for states that offer the Medically Needy program) is somewhat different,

as Figure 3 indicates. If the protected income level is above the AFDC
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break-even level, then the Medicaid notch occurs somewhere above the
break-even point. It is clear that some individuals who would be par-
ticipating in AFDC in the absence of the Medically Needy program will
leave AFDC and locate somewhere between HB and HE hours of work,
increasing hours of work and receiving only Medicaid. On the other hand,
some individuals will clearly decrease their hours of work to HE or below
to take advantage of the Medicaid eligibility, as the utility curves pic-
tured here indicate. Note, however, that in the short run an individual
may be located at point D and still have access to Medicaid. 1If she has
medical bills in excess of X, she can pay X and essentially relocate to
point E, with the rest of the bills covered by Medicaid. 1If these bills
were expected to continue for some time, one might expect the individual
to reduce hours of work and permanently locate at point E or below. But
if the medical bills are temporary and there are labor market reasons to
remain continuously employed at HD hours, it could make sense in the
short run to continue to work HD hours. Thus, depending on extent of
medical need (and the ease with which access may be gained to the
Medically Needy program) one might see households with work hours well
above HE that are temporarily receiving Medicaid through the Medically
Needy program.

Table 4 presents evidence on the extent to which women in Medically
Needy and non-Medically Needy states differ in their insurance coverage.
It is clear that in states with the Medically Needy program, a higher
percentage of households receive Medicaid all or part of the year, and a
much lower percentage are uninsured. This is particularly notable among

households below 125% of the poverty line, where only 4% of those in
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Table 4

Effect of Medically Needy Programs on Insurance
Availability among FemaleHeaded Households

Insured Year Round Insured Part of Year
Mix of Uninsured
Private Medicald Private & Private Medicaid All

Total All Year All Year Medicaid Part Year Part Year Year

In States with Medically Needy Programs

Total
Number 325 148 87 13 33 25 19
Percentage 467 27% 47 10% 8% 6%

By Poverty Status

<125% of poverty line

Number 128 11 75 8 13 16 5
Percentage ) 9% 59% 6% 10% 12% 47
>125% of poverty line
Nunber 197 137 12 5 20 9 14
Percentage 70% 67 3% 10% 5% 7%
In States without Medically Needy Programs
Total
Number 130 77 31 3 21 2 16
Percentage 51% 21% 2% 147 1% 11%
By Poverty Status
<125% of poverty line
Number 56 8 25 3 7 2 11
Percentage 147 457 5% 127 47 207%

>125% of poverty line
Number 94 69 6 0 14 0 5
Percentage 73% 6% 157% 5%
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Medically Needy states report being uninsured all year, while 20% in non—
Medically Needy states report this status. Thus, the raw data in Table 4
are certainly consistent with the theory that the Medically Needy program
induces better insurance coverage.

Table 5 looks at Medicaid receipt among AFDC and non—AFDC households.
Even in states that do not have a Medically Needy program, there are a
few households that report receiving Medicaid without AFDC. These are
likely to be households that are participating in the four—-month Medicaid
extension available to a woman who leaves AFDC. (Unfortunately, I cannot
separate these people from those on the Medically Needy program in
Medically Needy states. The fact that there are so few of them visible
in "non-Medically Needy states™ indicates that this should not be a
serious source of bias in the data.) The data in Table 5 have two
interesting aspects. First, caseloads are not lower in the Medically
Needy states. Twenty-seven percent of the households (88/325) are on
AFDC in these states, while only 21% are on AFDC in the non-Medically
Needy states. This is not consistent with the hypothesis that the
Medically Needy program will allow some women to leave AFDC. We will
come back to this issue below. Second, among the non-AFDC recipients, it
is clear that women in Medically Needy states are much more likely to be
insured, primarily because they make use of Medicaid to fill some of the
private insurance gap. Only 8% of the non—AFDC recipients are uninsured
year round in Medically Needy states, while 13% are uninsured in
non-Medically Needy states. This is evidence that the Medically Needy
program provides medical insurance assistance to women who would other—

wise have no insurance. Note that this is not consistent with a theory



Table 5

AFDC Recipiercy, Insurance Availability, and the
Effect of State Medically Needy Programs

States with Medically Needy Program States without Medically Needy Program
Medicaid Mix of Private Medicaid Mix of Private
Only, Part Private and Only, Part  Uninsured Only, Part Private and Only, Part Uninsured

Total and Full Year Medicaid and Rull Year All Year Total and Full Year Medicaid and Full Year All Year

Heads

AFDC Recipients
Number 88 63 8 12 0 31 26 2 3 0
Percentage 77% 9% 147 847% 6% 10%

Nor~AFDC Recipients
Number 237 44 5 169 19 119 7 1 95 16
Percentage 197 Z 71% 8% 6% 1% 80% 13%

6T
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that would claim that women who really need Medicaid will go on AFDC if
the Medically Needy program is not available. Instead, the counterparts
of those who receive Medicaid through the Medically Needy program appear
to go uninsured in non-Medically Needy states.

There is almost no empirical literature on the impact of Medicaid's
program parameters and eligibility requirements on AFDC participation.
As noted above, this is partly because no adequate data set has been
available. Two recent papers, Mauskopf, Rodgers and Dobson [1985] and
McDevitt and Buczko [1985], are the only ones that have treated these
issues. The first paper analyzes aggregate state AFDC caseloads and
expenditures as a function of various AFDC and Medicaid program parame-
ters and coverage indicators. Some differences in Medicaid coverage seem
to affect AFDC caseloads. The presence of a Medically Needy program was
insignificant in several equations, but had a positive effect on state
AFDC expenditures, which is not the expected sign. The second paper
looks at use of medical services in individual microdata and finds that
individuals in states with more limited coverage provisions make less use
of uncovered services, which is consistent with the results in Table 2,
above. While these two papers clearly indicate that the structure of the
Medicaid program can affect behavior, there is a need for more extensive

empirical analysis of the effect of Medicaid on individual AFDC and labor

market decisions.

IV. Estimation Strategies

The primary estimation problem in trying to untangle the effect of

medical need on AFDC participation is that AFDC eligibility automatically
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implies Medicaid eligibility. In non-Medically Needy states, it is
impossible to separate the demand for Medicaid from the demand for AFDC.
In Medically Needy states, one can estimate a separate demand equation
for medical insurance only among those who are not already on the AFDC
program. Thus, rather than trying to separate the demand for medical
insurance from the demand for AFDC, I will focus on estimating the extent
to which the need for medical insurance affects AFDC participation. This
means variables must be available which measure the size of the Medicaid
notch for each household.

Calculating the value of an in—kind insurance transfer is a difficult
empirical problem which is extensively discussed in Smeeding and Moon
[1980] and Smeeding [1982]. The generally accepted method is to calcu-
late the insurance value to the family. Applying the methodology
described by Smeeding [1982], the Department of Health and Human Services
has calculated an estimate of the annual insurance value of Medicaid to
disabled and nondisabled adults and children in each state in 1980.15
Using these numbers, I estimate a mean state—specific value of Medicaid
for each household as the sum of the insurance values reported in their
state for an adult (using reported disability status) and three
children.l®  This number (call it V) provides a first-pass estimate of
the insurance value of Medicaid for each household and accounts for some
of the differences in state Medicaid coverage, but it ignores the house-
hold-specific information we have on medical needs.

If V* is taken to represent the true insurance value of Medicaid to a

particular household, we can write

(1) vk = £(V, X, M),
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where V 1s the state-specific mean value for a family of four calculated
as discussed above, X is a vector of household demographic charac-
teristics, and M i{s a vector of household health status measures. If
all variables (V, X, and M) are included in an AFDC participation
equation, they should control for the effect of Medicaid avalilability on
AFDC participation. Of course, one problem is that the coefficients for
X and M will reflect both their effect on the value of medical insurance
and the demand for Medicaid, as well as any additional effects they may
have on AFDC participation. (More children and greater medical problems
would be expected to Increase the probability of AFDC participation even
if Medicaid was not available to AFDC recipients.) More will be said
about this problem below.

Assume that individuals make utility-maximizing choices. Then a
woman will choose to participate in AFDC (and, automatically, in
Medicaid) 1if her utility on AFDC, Uy, 1s greater than her utility in the

absence of AFDC, UNA' This difference in utilities can be characterized

as

Uy = Uyas

(2) P*

XABA + SAG'A + MAGA +€A,

= ZA“A + €9

where XA i1s a vector of household characteristics which enter the utility
function and affect preferences, S, 1s a vector of the institutional
parameters which determine transfer benefits (including state-specific

measures of AFDC and Food Stamp payment levels, as well as V, the mean

state Medicald value), and MA is a vector describing the health needs of
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the household. These health needs both determine the value of medical
insurance to the household (determining the size of the Medicaid notch)
and directly affect AFDC participation exclusive of their effect on medi-
cal need (households with more health problems will probably have lower
earnings ability). While the actual value of the continuous variable P*

cannot be observed, we can observe a dichotomous variable, P, where

(3) P

|

1 1f P* > 0 (or €p > ‘ZAWA),

0 otherwise.

and P

Using the discrete varilable P, equation (2) can be estimated by standard
probit techniques.

The parameters of equation (2) will provide a first-pass estimate of
how health needs affect AFDC participation decisions. The addition of a
dummy variable for households residing in Medically Needy states will
also provide an Initial look at how the Medically Needy program affects
AFDC participation.

Equation (2) estimates the AFDC participation decision alone,
ignoring the interaction between AFDC recipiency and other behavioral
choices. 1In particular, the kinks in the budget line induced by the
Institutional structure of the AFDC program create a situation in which
labor market and AFDC participation decislons are made jointly. However,
realize that one wants to look at more than a dichotomous labor market
participation decision and investigate the extent of labor market
involvement. We noted above that many women who participate in the labor
market still do not have private insurance; only as hours of work

approach full time does medical insurance coverage become highly
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probable. In addition, the effect of AFDC on the margin is as likely to
be a decrease in hours (but continued labor market participation) as a
dichotomous change in labor market participation. Thus, I propose to

jointly estimate equation (2) and an explicit equation for hours of work,

(4) H = XBy + Tyt + MH6H + ey

=ty t ey

H 1s a measure of weekly hours of work, truncated below =zero. XH is a
vector of household characteristics affecting hours of work; TH is a vec-
tor of labor demand factors; and MH Is a vector of variables measuring
the health status of the household.l’

Underlying the choice of hours is a utility-maximizing decision. It
has been noted that a linear demand function for hours 1s not necessarily
consistent with a linear equation describing AFDC participation. An
alternative approach to modeling utility maximization decisions 1s to
explicitly choose a functional form for utility, and estimate the
tangency point between it and an explicitly described budget line with
the appropriate kinks and notches. There are serious problems with
implementing this structural estimation strategy. The most important 1is
that the size of the Medicaid subsidy is virtually impossible to measure
accurately. I use a reduced-form specification of the underlying deter-
minants of Medicaid, but am unable to make a good estimate of the dollar
value of Medicald iInsurance to each household. Without a good measure of
the size of the notch, explicit budget segments are difficult to model.
Second, these strategles are often very difficult to empirically estimate

in the presence of particularly "kinked"” budget set:s.18 Finally, this
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approach of course depends upon the functional form chosen for the uti-
lity function. Functional forms are typically picked for empirical con-
venilence, and it is not clear that the results will be any less ad hoc
than those emerging from more reduced-form estimates. Because of these
problems, this paper will estimate a serles of reduced-form equationms,
and will not try to explicitly model the utility functions and the budget
lines. The variables which determine utility maximization, as well as
the institutional parameters which determine the budget lines, will be
included in the equations estimated, but there will be no attempt to
estimate a precise structural form for the utility-maximization decision.
Joint estimation of equations (2) and (4) requires maximizing a four-

part likelihood function for each individual,

(5) L = Pr[eA > =Z)Tas Eg 5.-ZH"H/°H] + Pr[eA_s “ZpTps €y = (H-ZHWH)/OH]

+ Pr[eA > ~Z\T ps €q = (H—ZHWH)/OH] + Pr[eA‘i =Z\T 5 eH_S —ZHnH/OH],

where o, is the standard error of H.

In non-Medically Needy states, the likelihood function in equation
(5) provides the best estimate one can make of the joint effect of medi-
cal need on hours and AFDC participation. However, in states where the
Medically Needy program is available, equation (5) 1s not complete. It
is possible In these states to be off AFDC and still to receive Medicaid.
For individuals who are recipients of AFDC, the same indeterminancy
occurs as discussed above: since they automatically receive both AFDC
and Medicald, we cannot separate the effect of Medicalid on AFDC par-

ticipation. However, individuals who are not AFDC recipients have
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additional choices in Medically Needy states: they can choose how many
hours they will work, as well as choosing whether to use Medicaid.

Thus, individuals who are off AFDC not only choose hours of work, but
also compare their utility with and without Medicaid at each possible
hours choice. Presumably individuals who find more hours attractive will
be less likely to choose Medicaid, since they will be more likely to have
alternative sources for medical insurance. This means that there is an

additional cholce equation, which can be written as

(6) N* = XNBN + SN°‘N + MNGN + ey

Oy toEns

where N* 1is an unobservable measure of the utility comparison between
participation and nonparticipation in the Medicald progranm, XN 1s a vec-
tor of household characteristics affecting the need for Medicald, SN is a
vector of Institutional parameters that affect eligibility for the
Medicaid program, and MN is a vector of health characteristics of the
household. While N* cannot be observed, we can observe the dichotomous

variable N, where

I

(7 N 1 1f N* > 0 (or ey > —ZNnN),

and N

0 otherwise.

In Medically Needy states, for individuals observed to participate 1in
AFDC, only a two-way choice 1s estimable (no matter what the value of
Medicaid to them, they receive it automatically). Thus the 1likelihood

function for AFDC recipients 1is
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(8a) L Pr[eA > =ZyMa, €y S_—ZHNH/OH] + Pr[eA > =ZpTas €y

(H - ZHﬂH)/GH].

However, non-AFDC recipients in Medically Needy states face a four-part

likelihood function:

(8b) L = Pr[EA.S.-ZA"A’ €N S.-ZN"N’ €y 5.—ZH"H/°H] +
Prie, < =Z,m,, ey < =ZyTy,y €y = (H = Zymy) /oy] +
Priey < -Zjmps &y > “Zy"ne Sn £ Zymu/onl *

Pr[EA.S._ZA“A’ en > “ZyNTye = (H = Zymy)/oyl.

™
=

Summing the likelihood function for individuals In non-Medically Needy
states (equation 5), for individuals on AFDC in Medically Needy states
(equation 8a), and for individuals off AFDC in Medically Needy States
(equation 8b) across all individuals and maximizing will produce estima-
tes of m,, TN* "H? On» 9ays the correlation coefficlent between €, and
€y» and eNH’ the correlation coefficient between ey and €4. (No correla-
tion between €, and €y can be estimated, since AFDC 1s never observed
without Medicaid.)!?d

While this estimation technique does provide efficlent estimates of
the joint choice between AFDC, hours of work, and Medically Needy par—
ticipation, it does not allow one to estimate the effect of health
problems on AFDC independent of their effect on hours of work. The coef-
ficients on the health variables in the AFDC participation equation (GA)
combine two effects: Health problems will increase the insurance value

of Medicaid for the household. While this is the effect we are most

Interested in, it 1s confounded by the fact that health problems will
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also constrain the household head in the hours that she 1is able to work,
either by limits on her own health or 1limits on her children's health
that require her to spend more time at home. To estimate the effect of
health on AFDC participation, independent of its effect on a woman's
labor market and earning power, one wants to include hours of work as a
control variable in the AFDC participation equation. However, 1if AFDC
and hours of work are simultaneously determined, this will lead to an
overestimate of the coefficient on hours in the AFDC equation.

Despite this problem, because of my interest Iin exploring the effect
of health problems on AFDC participation, I propose a final set of esti-
mates Iin which only AFDC and Medically Needy participation are estimated
jointly. Rather than include hours of work as a separate simultaneous
choice wvariable, I include it as an independent variable in the equations

for AFDC and Medically Needy participation. Thus, I estimate the

equations

(2") P*=ZATrA+S2AH+uA and
* -

(6') N* ZN"N + O + .

As before, for individuals in non-Medically Needy states, one can only

estimate the likelihood function
(9a) L = Pr[uA > -(ZAnA + QAH)] + Pr[uA 5.'(ZA"A + QAH)].
For individuals in Medically Needy states, one can estimate

(9b) L =Prlu, > (2,1, + Q)] + Prlu, < =(z,7, +Q,H),

My > -(ZNNN + QNH)] + Pr[uA‘S -(ZAﬂA + QAH), uy < -(ZNTrN + QNH)].
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Summing likelihood functions (9a) and (9b) across all individuals and
maximizing will produce estimates of the underlying coefficients on the
health variables (8, and §y) which are purged of the effect of health on
hours by the explicit inclusion of an hours-of-work variable,20

The next section will estimate the empirical models described here.
As a first pass, I will estimate several simple probit models of AFDC
participation, including a dummy variable for Medically Needy states. I
will compare these results to those achieved by estimating a three-way
joint model of AFDC, hours of work, and usage of the Medically Needy
program (where available). Finally, I will compare these results in turn
to a two-way estimate of AFDC and Medically Needy participation, in which
hours are Included as a specific control variable. The primary questions
of interest are, first, How important are the household health variables
and Medicald program parameters in AFDC participation decisions?; second,
To what extent does the Medically Needy program affect AFDC usage?; and
third, How strong are the effects of household health needs on AFDC par-
ticipation after controlling for their effect on labor market involve-

ment?

V. Estimation Results

As discussed above, the data set used for this estimation 1s NMCUES,
which provides 475 observations on female-headed households with minor
children. Of these households, 150 are in non-Medically Needy states and

325 are in Medically Needy states. The variables which will be used to

estimate the models described above are listed in Table 6. Included is

the standard set of household characteristics that are assumed to affect
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Table 6

Variable Definitions and Means
(Standard deviations in parentheses)

Mean Values

Medically Non-
All Needy Medically
Variable Observations States Needy States
Household Characteristics
Age of head 38.3 37.9 39.1
(11.7) (12.0) (11.0)
Education of head: dummy variables
<12 years . 354 .348 .367
>12 years «240 . 246 227
Household size 3.30 3.23 3.45
(1.26) (1.27) (1.22)
Number of children 423 412 447
<6 years (.674) (.649) (.726)
Race (1 = black) .318 <292 373
"Other"” income $2933 $2918 $2963
(Annual income other than (5013) (5040) (4953)
public assistance and earnings)
Program Parameters
Maximum AFDC benefits $382 427 284
(Family of 4, monthly) (136) (122) (113)
Maximum food stamp benefits $73 59 102
(Family of 4, monthly, already (41) (36) (34)
receiving maximum AFDC benefits)
Medicaid insurance value $146 $157 124
Mean state-specific value for family of 4 (44) (48) (21)
Medically needy - 460 -
Eligibility limit (monthly) (128)

-~ Table Continued -
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Table 6, Continued

Mean Values

Medically Non-
All Needy Medically

Variable Observations States Needy States

Health Indicators

Restricted activity days of head 19.0 17.3 22.7
(Reported annual number of (37.8) (34.3) (44.1)
days head experienced activity
limits owing to illness)

Restricted activity days of others 20.1 18.6 23.4
(Reported annual number of days all (31.3) (31.2) (31.4)
other household members experienced
activity limits owing to illness)

Physical limits on head: dummy variable «251 «243 . 267
(Equals 1 if head reports health
limits to vigorous activity)

Perceived health status 1.68 1.66 1.99
(Mean perceived health status, averaged (.59) (.57) (.93)

over all household members;
scale 1 = excellent 3 = fair
2 = good 4 = poor)

Number of observations 475 325 150
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both labor market earnings opportunities as well as preference choices.
No labor market demand variables are listed in Table 6. State-specific
female unemployment rates and regional dummies were tested in all of the
models, but had no effect and have been dropped from the final specifica-
tions.

The institutional parameters entered in the regressions include AFDC
and Food Stamp guarantee levels, the state-specific estimate of the mean
value of Medicaid Insurance, as well as the protected income level of the
Medically Needy program. Maximum AFDC and Food Stamp benefits available
to four—person households 1in each state are determined by taking the
four-person maximum payment level for AFDC and calculating the additional
Food Stamp dollars available to a four—-person family receiving this maxi-

mum payment.21

The wvalue of Medicaild benefits enters through the
household-specific demographic and health variables, but the state
average value for Medicald insurance for a family of four, as described
above, 1s also included. This enters the equations as a separate
variable, allowing 1its coefficient to differ from the coefficient on the
AFDC/Food Stamp maximum. The second parameter of the AFDC program, the
state-specific tax rate, was included in earlier estimates, but was never
significant.22 The protected income level in Medically Needy states
indicates the point at which Medicaid eligibility ends. It would be
expected that states with higher protected income levels will have higher
Medically Needy participation rates. The spenddown period was included
in earlier estimates but was never significant. Additional measures of
the extent of Medicaid coverage for various expense categories 1in each

state were also Insignificant in all equatioms.
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Measures of health needs of each household are listed at the bottom
of Table 6. A variety of additional health-related variables were tested
but were excluded owing to insignificance. Restricted activity days is a
standard measure of the number of days an individual experiences physical
limitations owing to illness. Physical limitations on strenuous acti-
vity by the household head is a measure of disability. The variable
"perceived health status” is a more subjective measure of a household's
medical needs; this variable, however, makes a significant contribution
to virtually every equation, even after other measures of health needs
are included.

Table 7 presents a set of simple probit equations in which the dicho-
tomous variable is receipt of AFDC (see equation 2). Column 1 shows the
results from a standard probit analysis. Consistent with similar analy-
ses on other data sets, Table 7 indicates that younger, less educated
women with larger families, more young children, and smaller amounts of
unearned income are more likely to use AFDC. Higher AFDC and food stamp
guarantees increase participation levels. Mean state medical insurance
values are insignificant in the equation, which implies that once
household-specific demographic and health effects are accounted for, an
aggregate state measure of the insurance value of Medicaid adds nothing.
Limits on physical activity by the head increase the probability of being
on AFDC, as does a poorer perceived household health status. (Restricted
activity days of head or other household members is excluded from all
AFDC regressions. They were included in earlier estimations, but had
consistently small and insignificant effects.) It is clear that health

status has a significant effect on AFDC participation, whether the
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Table 7

Probit Estimates of AFDC Participation

With Medically Only States Only States
Simple Needy Dummy with Medically Without Medically
Probit Variable Needy Programs Needy Programs
Age of head -.091%* -.088* -.104%* .080
(.045) (.047) (.054) (.155)
Age squared .0007%* .0007 «0009%* -.001
(.0005) (.0006) (.0006) (.002)
Education of head e 264% «256%* «363%* .095
(K12 years) (.185) (.186) (.234) (.344)
Education of head -.418% ~-e419% -.354%* -.590%
(>12 years) (.195) (.195) (.240) (.378)
Household size «314% .313% .318%* e264%
(.068) (.068) (.082) (.141)
Number of children «594% .610% «672% +«566%*
<6 years (.115) (.121) (.194) (.190)
Race .045 .040 .039 .110
(1 = black) (.159) (.160) (.202) (.325)
"Other” income -.0002%* -.0002* -.0002% -.0001%*
(.00002) (.00002) (.00005) (.00004)
Limited activity of head «548*% «557* «674% .323
(0/1 variable) (.179) (.181) (.234) (.342)
Mean perceived health «369% :377% .289% 418%
status (1 = exc., (.151) (.152) (.197) (.301)
4 = poor)
AFDC + food stamp .002% .002%* .002% .003%
maximum (.001) (.001) (.001) (.002)
Medicaid insurance .0008 .0004 -.0004 .009*
value (.002) (.002) (.002) (.007)

~ Table continued -
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Table 7, Continued

With Medically

Only States

Only States

Simple Needy Dummy with Medically Without Medically
Probit Variable Needy Programs Needy Programs
Medically needy - . 157 i -
state (=1) (.213)
ConStant _u951 _0932 e 156 —50387*
(1.020) (1.029) (1.279) (2.876)
Likelihood value -199.6 -199,2 -130.6 -65.0
Number of observations 475 475 325 150

Note: See Table 6 for more extensive variable definitions.

*Significant at 10% level or higher.
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coefficients in Table 7 are interpreted as measures of the value of
Medicaid or as measures of the impact of health on earnings capability.

Column 2 includes a dummy variable for Medically Needy states.
Contrary to expectations, the impact of the Medically Needy program is
positive and insignificant. The above discussion indicated that the
Medically Needy program should decrease AFDC participation by allowing
households to receive Medicaid without establishing AFDC eligibility. To
further explore the differences between states with and without Medically
Needy programs, columns 3 and 4 estimate separate probit equations for
individuals in each group of states. Interestingly, the general measure
of the insurance value of Medicaid significantly affects AFDC par-
ticipation in states without Medically Needy programs, but not in
Medically Needy states, where Medicaid is not so tightly linked to AFDC
eligibility. However, a likelihood ratio test comparing the separate
estimates in columns 3 and 4 with the combined estimates in column 1
indicates no statistical gain to a separate estimation strategy.

The probit estimates in Table 7 indicate, first, that household-
specific health variables clearly influence AFDC participation decisions;
second, that a more aggregate measure of the value of Medicaid insurance
appears to have little additional explanatory power; and third, that the
presence of the Medically Needy program by itself seems to have little
impact on AFDC participation.

To further explore these results, Table 8 provides estimates of a
more complex three—way choice model between AFDC, hours, and Medicaild
participation, as described in equations (5), (8a) and (8b) above. As

noted, the equation for Medicaid participation is estimated solely from
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Table 8

Medically Needy Participation

AFDC Hours of Medically Needy
Participation Work Participation
Age of head -.078* 3.010% -
(.053) (.732)
Age squared .0006 -.036%* -
(.0006) (.008)
Education of head .168 -5.635%* -
(<12 years) (.228) (3.021)
Education of head -.388% 3.368 -
(>12 years) (.222) (3.514)
Household size «306* -1.364% .111
(.076) (1.065) (.180)
Number of children .538% -4,283% . 709%*
<6 years (.152) (2.266) (.374)
Race _0016 _10952 o721*
(1 = black) (.196) (2.830) (.413)
"Other” income -.00015%* -.0005* .00003
(.00002) (.0002) (.00003)
Restricted activity - -.049% .012%
days of head (.031) (.004)
Restricted activity - - -.024%*
days of others (.017)
Limited activity of head «512% -8.239% .217
(0/1 variable) (.216) (3.280) (.511)
Mean perceived health .304% -6.046% .943%
status (1 = exc., (.173) (2.322) (.309)

4 = poor)

— Table continued -
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Table 8, Continued

AFDC Hours of Medically Needy
Participation Work Participation
AFDC + food stamp .002* —-— -
maximum (.001)
Medicaid insurance -.0004 — -.002
value (.002) (.004)
Medically needy -— - .003*
eligibility level (.002)
Constant -1.174 -13.326 =-4,719%
(1.146) (14.473) (1.323)
Standard error 21.491%
(1.353)
Correlation coefficients r = —,247% r = -,046
HA  (l116) HM (L 295)
Likelihood value 1886.2

Notes:

= 475.

*Significant at 10%Z level or higher.

See Table 6 for more extensive variable definitions.
observations

Number of



39

those households in Medically Needy states who are not on AFDC. The
coefficients for the hours equation in Table 8 provide a standard set of
results. Older women with more education and fewer children are likely
to work more. All forms of health limitations have negative effects on
hours. Thus, the limiting effect of AFDC on health is at least partly
due to its limiting effect on labor market involvement. The estimates of
AFDC participation and hours in Table 8 are virtually identical to those
in Table 7, as they should be (the joint estimation increases efficiency
only). As one might expect, the intercorrelation between the AFDC and
hours equations is significant and negative, implying that the
unexplained higher residuals in the hours equations are correlated with
the unexplained low residuals in the AFDC equations (i.e., unexplained
high hours are correlated with unexplained low AFDC usage). This is an
indication of the simultaneous nature of the hours/AFDC choice, and the
correlation, while not extremely high, is still significant.

The determinants of participation in the Medically Needy program are
shown in the third set of coefficients in Table 8. Participation in
Medicaid through the Medically Needy program is positively affected by
number of small children and minority status. Restricted activity days
of the head have a significant positive effect, although restricted acti-
vity days of other household members are negative, a somewhat puzzling
result. Limited physical activity of the head has little effect, but
poor perceived health status is strongly and positively related to
Medicaid usage. The short story from this equation is that significant
illness on the part of the head of the household (although not long-term

physical limits) and the presence of small children are most likely to
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place a non-AFDC household on the Medically Needy program. As expected,
the protected income level of the Medically Needy program does have a
positive effect on usage. The larger the eligibility range, the more
likely a household is to participate. As is also true in the AFDC par-
ticipation equations, the average state value of Medicaid insurance to
the household appears to have little effect by itself.

The results in Table 8 continue to affirm the importance of health in
determining AFDC and work hours choices, as well as affecting participa-
tion in the Medically Needy segment of Medicaid. However, as noted in
the previous section, the coefficients on the health variables in the
AFDC and Medically Needy participation equation confound their effects on
the value of Medicaid with their effects on hours of work, both of which
influence AFDC and Medicaid participation. Table 9 provides estimates of
AFDC and Medically Needy participation, with hours of work explicitly
included as a control variable. These results are based on equations
(9a) and (9b) from the previous section.23 The inclusion of hours has
clear effects on the coefficients in the AFDC equation. The human capi-
tal variables become somewhat smaller and less significant (their effects
on AFDC via hours are now being captured by the hours variable itself).
While the effect of the health variables also decreases, physical limita-
tions on head's activities continue to influence AFDC participation, even
after their impact on hours of work are controlled for. The effects of
the structural program variables are largely unchanged.

The Medically Needy participation equation is less affected by the
inclusion of hours, which is not surprising, given its low correlation

with hours in Table 8. While increased hours of work clearly make
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Table 9

Joint Estimates of AFDC and Medically Needy Participation
with Hours as an Independent Variable

AFDC Medically Needy
Participation Participation
Age of head -.026 -
(.056)
Age squared -.00007 -
(.0007)
Education of head 044 -
(<12 years) (.225)
Education of head -.373* -
(>12 years) (.221)
Household size .306%* .199
(.078) (.207)
Number of children .619% +652%
<6 years (.142) (.342)
Race -.034 .838%
(1 = black) (.190) (.471)
"Other” income -.0002%* .00001
(.00003) (.00002)
Restricted activity - .011%*
days of head (.004)
Restricted activity - -.022
days of others (.018)
Limited activity of head «418% .054
(0/1 variable) (.207) (.482)
Mean perceived health 127 . 748%
status (1 = exc., (.173) (.341)

4 = poor)

— Table continued
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Table 9, Continued

AFDC Medically Needy
Participation Participation
AFDC + food stamp .0014% -
maximum (.001)
Medicaid insurance .0005 -.0005
value (.002) (.005)
Medically needy - .003*
eligibility level (.001)
Hours of work -.043% -.029%
(.006) (.015)
Constant -.051 =-3.755%
(1.254) (1.406)
Likelihood value -205.7

Notes: See Table 6 for more extensive variable definitions.
Number of observations = 475.

*Significant at 10% level or higher.
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Medicaid receipt less likely (as noted above, women who work more hours
are far more likely to be covered by private insurance), the health and
program variables remain much as they did in the estimates in Table 8.

In other words, the use of Medicaid through the Medically Needy program
is clearly affected by health problems of the household, even after labor
market involvement is held constant.

Although the results in Tables 7 through 9 are interesting, it is
often hard to interpret such estimations without looking at the effects
on a simulated household. Table 10 provides an indication of the beha-
vioral responses indicated by the estimated coefficients. Table 10 looks
at the AFDC, labor market, and Medicaid decisions of an individual with a
standard set of characteristics. Part A varies the health status of the
household, and Part B varies parameters in the AFDC and Medicaid
programs, indicating how estimated AFDC, labor market, and Medicaid par-
ticipation change. Estimates in Table 10 are based on the coefficients
from Table 8.

A woman with the standard characteristics defined here has about a
46% chance of being on AFDC and a 54% chance of not using the program.
For women in Medically Needy states who are not on AFDC, there is a 15%
chance they will use the Medically Needy program at some point during the
year, and a 397% chance they will not. The top part of Table 10 indicates
how these participation estimates change as the measures of health status
change. If the head has a serious physical limitation, her probability
of being on AFDC rises to 66%, but the probability of participating in
the Medically Needy program decreases as her chances of being off AFDC

fall. Households who perceive themselves as having only “fair" health
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Table 10

Simulating AFDC Usage, Labor Force Participation,
and Medically Needy Program Usaged

In Medically Needy States

Joint Probability of Not  Probability of Not
Probability of Joint Probability on AFDC, Working, on AFDC, Working, and
Being on AFDC of Working and  and Using Medically Not Using Medically

and Worldng Not Being on AFDC Needy Program Needy Program

A. Effect of Changes in Health Status
Standard Individualb 457 <543 149 .39

With Physical LimitsC
on Heads .657 »343 .120 223

With Increased Restrictedd
Activity Days 457 543 142 401

With Percelved Health€
= Fair 615 .385 285 .100

B. Effect of Charges in Program Parameters
Standard Individualb 457 543 .149 3%

Increase Medicaldf
Eligibility Limit by $100 457 543 344 .199

Increase BentFS and
Medicaid Eligibility
Limit by $1008 544 456 .288 167

Decrease BemtFS and
Medicald Eligibility
Limit by $100h 371 .629 .523 .106

~ Table continued —
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Table 10, Contimed

4Simulations based on results reported in Table 8.

bAge = 30; Educ < 12 years; race = black; household size = 3; children < 6 = 1; anmal other income =
$2,000; monthly AFDC benefit plus food stamp maximum = $454; Medicaid income eligibility limit = $421;
medical insurance value = $146; anmal restricted activity days of head = 19.0; anmual restricted activity
days of others = 20.1; limitations on physical activity of head = 0; perceived health status, scale of 1
(excellent) to 4 (poor) = 1,68,

CSame as standard individual except limitations on physical activity of head = 1.

dgame as standard individual except restricted activity days of head = 22.0, restricted activity days of
others = 23,1.

€Same as standard individual except perceived health status = 3.
fSame as standard individual except Medicaid eligibility limit = 521.

€Same as standard individual except AFDC benefit plus food stamp maximum = $554; Medicaid income eligibi-—
lity limit = $521,

hSame as standard individual except AFDC berefit plus food stamp maximum = $354; Medicaid income eligibi-
lity limit = $321,
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are more likely to be on AFDC (62%), but are also very likely to par-
ticipate in the Medically Needy program if not on AFDC. These simula-
tions affirm the importance of health in determining the likelihood of
AFDC receipt among certain households.

The bottom part of Table 10 indicates how AFDC, labor market, and
Medicaid usage changes as the parameters of the AFDC and Medicaid
programs are varied. If the Medically Needy protected income eligibility
limit were expanded by $100 (without any changes in the eligibility
levels for AFDC and food stamps), this woman's probability of using the
Medically Needy program would rise from 15% to 347%Z. If the increase in
Medically needy eligibility levels is matched by a $100 increase in AFDC
and Food Stamp benefit levels, both AFDC participation and Medically
Needy participation probabilities rise. Of course, the magnitude of the
change depends on the starting level of benefits. Additional simulation
results, not reported here, indicate that the lower the initial AFDC
benefit levels, the greater will increases in AFDC or Medically Needy

eligibility limits affect behavior.

Vi. Concluding Comments

The initial sections of this paper indicated that many female-headed
households should want to be covered by the Medicaid program, both
because its insurance increases the level of the household's medical
care, and because private insurance is not readily available to many of
these women. A theoretical exploration of the Medicaid eligibility rules
indicated that women who value medical insurance should be likely to seek

AFDC eligibility in order to guarantee health care. The presence of the
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Medically Needy program in some states, allowing women under some cir-
cumstances to receive Medicaid when not eligible for AFDC, offered one
way of testing the impact of medical need on AFDC participation. The
results of this paper have supported some, but not all, of our initial
hypotheses.

First, it is clear that greater health needs induce greater use of
the AFDC program. This is true even when the impact of health on hours
of work is controlled for. This is consistent with the hypothesis that
households with greater medical needs value medical insurance more
highly, and thus will be more likely to seek AFDC eligibility. It is
also true that health has a significant impact on hours in the labor
market. A large part of the effect of health variables in a simple pro-
bit equation of AFDC participation comes from the effect of health on
labor market choices. Clearly, models of AFDC participation that ignore
health factors are omitting a very important variable.

Second, this paper has indicated that the presence of the Medically
Needy program has little impact on AFDC participation. There is little
support here for the hypothesis that the Medically Needy program induces
women to leave AFDC by providing them with continued medical insurance
coverage. This is probably not too surprising, given the extremely
limited nature of Medically Needy coverage (over a very short spenddown
period) and the low level of income eligibility set by most states for
coverage by the Medically Needy program.

Third, within those states that offer the Medically Needy program, it
is clear that the program induces higher levels of Medicaid usage. Quite

a high percentage of women——even those with significant labor market
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attachment——report some use of Medicaid over the year without a con-
comitant use of AFDC. This usage is strongly related to the presence of
small children in the household, and to increased illness of the head.

It is also significantly affected by the income eligibility level for the
Medically Needy program set by the state. As Table 4 indicates, the main
difference between states with and without the Medically Needy programs
was in the number of households that were uninsured, implying that the
Medically Needy program attracted participants who would otherwise have
been uninsured. Thus, while the Medically Needy program increases state
medical costs, it does provide an avenue of assistance to working low-
income households who have chosen not to participate in other welfare
programs.

It should be noted that this paper does not answer the question of
whether extended Medicaid coverage would significantly affect behavior.
While the presence of the Medically Needy program has little affect on
AFDC usage, this does not imply that a major extension of Medicaid
coverage, separating it from AFDC eligibility, would not have large
effects. 1In fact, given the importance of health on the use of AFDC and
on use of the Medically Needy program where it is available, it is likely
that any major expansion of health care for low-income families might
significantly improve their welfare and increase their work effort. The
evidence provided in this paper on the lack of health insurance coverage
among many female~headed households certainly indicates a need to con-
sider ways to extend either public or private insurance coverage to more

low-income, female-headed families.
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A number of research issues raised here are worthy of further
investigation. First, this paper ignores issues of underinsurance,
looking only at the presence or absence of some form of insurance
coverage. It would be useful to have more detailed data on extent of
coverage, to indicate how different coverage schemes affect behavior.
Second, longitudinal data on the use of AFDC and Medicaid over time would
be very interesting. This information could be used to investigate
whether the extension of Medicaid benefits for several months after the
end of AFDC is useful in getting women off AFDC and into the labor
market. Longitudinal data on health problems would also be useful in
determining how extensive the health problems and medical bills of the
uninsured are, and the extent to which lack of medical care in one time
period induces further medical problems in the future. Finally, this
paper ignores many of the programmatic differences in Medicaid between
states, such as differences in the extent of coverage of nomAFDC house-
holds. More detailed research on the effects of these variations would

surely be useful to the many states struggling to determine how best to

structure an effective Medicaid program.
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Appendix Table A

State Medically Needy Programs

1980 Medicaid

1980 AFDC Monthly Net
Medically Maximum Monthly Protected Spenddown
Needy Payment Income Period
Program? (4-Person Family) (4-Person Family) (Months)
Alabama $148
Alaska 514
Arkansas Yes 244 $258 3
Arizonad 188
California Yes 563 650 3
Colorado 363
Connecticut Yes 553 500 6
Delaware 312
D.C. Yes 349 405 6
Florida 230
Georgia 193
Hawaii Yes 546 550 6
Idaho 367
Illinois Yes 350 333 6
Indiana 315
Iowa 419
Kansas Yes 390 410 6
Kentucky Yes 235 317 3
Louisiana Yes 187 292 3
Maine Yes 352 475 6
Maryland Yes 326 342 6
Massachusetts Yes 444 440 6
Michigan Yes 501 499 6
Minnesota Yes 486 424 6
Mississippi 120
Missouri 290
Montana Yes 331 442 3
Nebraska Yes 370 467 6
Nevada 314
New Hampshire Yes 392 381 6

~ Table Continued -
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Appendix Table A, Continued

1980 Medicaid

1980 AFDC Monthly Net
Medically Maximum Monthly Protected Spenddown
Needy Payment Income Period
Program? (4-Person Family) (4-Person Family) (Months)
New Jersey $414
New Mexico 267
New York Yes 476 $458 6
North Carolina Yes 210 283 6
North Dakota Yes 408 530 1
Ohio 327
Oklahoma Yes 349 467 4
Oregon 569
Pennsylvania Yes 395 396 6
Rhode Island Yes 454 575 6
South Carolina 158
South Dakota 361
Tennessee Yes 148 200 3
Texas 140
Utah Yes 429 486 1
Vermont Yes 553 503 6
Virginia Yes 360 367 6
Washington Yes 536 536 3
West Virginia Yes 249 275 6
Wisconsin Yes 529 583 6
Wyomi ng 340

dArizona has no Medicaid program.
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Notes

lgee U.S. Department of Health and Human Services (1983).

230me women and children are covered by insurance policies through
their ex—-spouses.

3There is an extensive literature on uninsurance and underinsurance.
Among the most recent contributions are Farley (1985), Davis and Rowland
(1983), and Aday, Anderson and Fleming (1980). None of these studies
looks explicitly at female-headed households.

4For instance, see Aday and Anderson (1981), Davis and Rowland (1982,
1983), and Wilensky and Berk (1982).

5Kasper (1986) provides extensive cross—-tabulations of the use of
medical services, health status, demographic category, and insurance
coverage for other population groups.

6An attempt was made to distinguish between the initial propensity to
use a service and the extent of usage by jointly estimating a probit
equation for the probability of using a service sometime during the year
together with a tobit equation on the extent of usage conditional upon
access. In every category, the correlation between the two equations
converged to one.

"There is some problem of simultaneous causality here, as these
health measures may in turn be related to medical care utilization.

85ee U.S. Department of Health and Human Services (1982) for infor-
mation on the Medicaid program in 1980.

9The categories are inpatient hospital services, outpatient hospital

services, rural health clinic services, laboratory and X~ray services,
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skilled nursing facility services, physician services, dental care for
those under age 21, and family planning services.

100npe state, Arizona, had no Medicaid program in 1980.

llThe formula by which expected income and medical bills are deter-
mined varies from state to state.

12Many states originally had protected income levels at the maximum
allowable amount, but when they subsequently changed AFDC benefit levels,
they neglected to change the Medicaid eligibility levels. See Davidson
(1979) for further discussion of this issue.

13For notational simplicity Figure 1 ignores the additional impact of
food stamps on the transfers available to a household. Food stamp bene-
fits will be included in the empirical analysis below.

14Speaking with people in several states who run the Medicaid
program, I find that there appears to be a general agreement that
Medicaid provides as much or more coverage than most private plans. (Of
course, this varies somewhat between states.)

15pata for 1979 and 1984 are in Tables B-8 and B-9 of U.S. Department
of Health and Human Services (1983). Equivalent estimates for 1980 were
obtained through the Population Division of the Census Bureau.

16aAn alternative is to sum the insurance values across actual family
size, rather than standardizing by a family of four. However, this
variable is very collinear with the household size variable, which is
also included in the estimates. Given that family size is separately
controlled for, there seems little problem with imputing insurance values

to each family based on a standardized "family of four™ measure.
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17Note that wages are not explicitly estimated in any of these
equations. The X vectors include those human capital variables which are
typically assumed to influence wages. A literature of the effects of
health on wages exists (Lee, 1982; Lambrinos, 1981; or Bartel and
Taubman, 1979). I do not estimate a separate wage equation because of
the computational difficulties involved in trying to estimate four joint
equations (as would be necessary for Medically Needy states in the proce—
dure described below).

18For instance, Moffitt (1985) tries to implement this approach in a
joint model of food stamps and AFDC (where the notches are smaller) and
cannot achieve convergence in the full model. A related paper by Fraker
and Moffitt (1985) looks at the overlapping effects of Food Stamp and
AFDC benefit levels and uses only a partial structural model.

19Fyrther statistical information on this model, including the com—
puter programs necessary to estimate it, are available from the author.

20Note that because AFDC and Medically Needy participation are never
observed together, it is impossible to estimate a correlation coefficient
for the bivariate distribution in equation (9b). Thus, the results from
this estimation are identical to those produced by independent estimates
of AFDC and Medically Needy participation equations.

21Not surprisingly, the Food Stamp amounts available for a given AFDC
maximum benefit level are highly correlated with that benefit level.
Thus, the maximum Food Stamp plus AFDC benefit guarantee is entered as a
single variable, rather than separating Food Stamps from AFDC benefits.

22yhile all states face the mandatory two-thirds tax rate imposed by

the federal govermment on AFDC benefits, the variance in allowable
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deductions creates significant differences among states in the effective
tax rate for most households. Estimates of tax rates were done using the
methodology in Blank (1985).

23The insignificant correlation between participation in the
Medically Needy program and hours of work in Table 8 indicates there is
little simultaneity bias induced by including hours in the Medically
Needy participation equation. As noted above, this is less true of the

AFDC participation equation, which is correlated with the hours decision.
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